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INTISARI

Pesatmya peﬂ:emb teknologi Generative Af telah memuneulkan ancaman
serius dalam bentuk video deepfuke, yang berpotensi besar untuk penyebaran
misinformasi dan aktivitas jahat lainnya. Kemampuan untuk mendeteksi video deepfake
kepercayaan publik. Penelitian ini bertujuan untuk melakukan analisis perbandingan
kinerja dari tiga arsitektur deep learning modern 1 Comvolutional Newral Netweork (3D
CNN} Fideo Vision T'r:msﬁ:mu' Wf]'] M1 NEXI untuk tugas klasifikasi
video :




ABSTRACT

The rapid advancement of Genevative AT lechnology hax introduced a serious
threat in the form of deepfake videos, which hold significant potential for spreading
misinformation andnﬁnrmai&inmmﬁ-iﬂﬂ I?mnbrbl:_lr to acourately and efficiently
trust. Thix research aims to conduct o comparative performance analyvsiz of three modern
deep learning architectures 30 Em‘i-‘aful‘rmi _-- al Network (3D CNN), Video Fision
Transformer (ViT), and 3D Cmvﬁfle‘_ﬁrr : pfake video clossification. TJ'E
three models were  traine il
FaceFareaxics++. with gvafsnti srixion, recedl, and Fi-
Seare. Experime ey architeciure
achieved the ational cost,
Meamvhile, 3£ Feved the I 1 | prmance ad
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