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INTISARI

Penyakit pada daun mangga sering kali terlambat teridentifikasi akibat
keterbatasan pengetahuan visual petani dan minimnya akses terhadap tenaga ahli
pertanian. Kondisi ini berdampak pada penurunan kualitas panen, penyebaran
penyakit di area perkebunan, serta kerugian ekonomi bagi petani.

Penelitian ini mengembangkan sistem klasifikasi penyakit daun mangga
secara otomatis menggunakan pendekatan deep [learning. Dua arsitektur
Convolutional Neural Network (CNN), yaitu EfficientNet BO dan MobileNetV3,
dievaluasi dan dibandingkan kinerjanya dalam mengklasifikasikan delapan kelas
kondisi daun mangga. Pengujian dilakukan menggunakan dataset publik Kaggle
maupun citra lapangan. Teknik pra-pemrosesan berupa segmentasi penghapusan
latar belakang (background removal) juga diterapkan untuk mengukur ketangguhan
kedua model terhadap pergeseran domain dan gangguan visual.

Hasil pengujian pada citra lapangan menunjukkan bahwa MobileNetV3
lebih tangguh dengan akurasi 71.25% dibandingkan EfficientNet B0 yang
mencapai 62.50%. Setelah diterapkan segmentasi latar belakang, akurasi
EfficientNet BO meningkat signifikan menjadi 75.00%. Sistem yang dikembangkan

berpotensi dimanfaatkan sebagai alat bantu diagnosis dini yang praktis bagi petani.

Kata kunci: Klasifikasi Penyakit Tanaman, Daun Mangga, EfficientNet BO,
MobileNetV3, Segmentasi Citra.
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ABSTRACT

Mango leaf diseases are often identified too late due to farmers’ limited
visual knowledge and lack of access to agricultural experts. This situation leads to
reduced crop quality, the spread of disease within orchards, and economic losses
for farmers.

This study develops an automated mango leaf disease classification system
using a deep learning approach. Two Convolutional Neural Network (CNN)
architectures, namely EfficientNet BO and MobileNetV3, were evaluated and their
performance compared in classifyning eight classes of mango leaf conditions.
Testing was conducted using Kaggle public dataset as well as field images. A pre-
processing technique involving background removal was also applied to measure
the robustness of both models against domain shifts and visual noise.

Test results on field images showed that MobileNetV3 was more robust with
an accuracy of 71.25% compared to EfficientNet B0, which achieved 62.50%. After
applying background segmentation, the accuracy of EfficientNet BO increased
significantly to 75.00%. The developed system has the potential to be utilized as a
practical early-diagnosis tool for farmers.

Keyword: Plant Disease Classification, Mango Leaves, EfficientNet B0,
MobileNetV3, Image Segmentation.
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