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INTISARI

Perkembangan media sosial, khususnya platform YouTube, menyebabkan
meningkatnya aktivitas interaksi digital melalui kolom komentar. Namun,
tingginya aktivitas tersebut juga memunculkan permasalahan berupa penyebaran
komentar spam promosi judi online yang dapat mengganggu kenyamanan
pengguna serta menimbulkan dampak sosial dan ekonomi yang merugikan.
Karakteristik komentar spam yang menggunakan variasi penulisan seperti Unicode
dekoratif, leetspeak, dan pengulangan karakter menyebabkan proses deteksi
menjadi lebih kompleks. Oleh karena itu, diperlukan sistem klasifikasi otomatis
yang mampu mendeteksi komentar spam secara efektif menggunakan pendekatan
Natural Language Processing (NLP) dan machine learning.

Penelitian ini menggunakan dataset sebanyak 10.946 komentar YouTube
yang diperoleh melalui YouTube Data API. Tahapan penelitian meliputi
preprocessing teks berupa Unicode normalization, case folding, leetspeak
conversion, compress character, dan text cleaning. Pelabelan data dilakukan secara
otomatis menggunakan pendekatan rule-based entity detection berbasis pola nama
situs judi online. Selanjutnya, representasi teks dilakukan menggunakan metode
TF-IDF dan proses klasifikasi menggunakan algoritma Naive Bayes dan Support
Vector Machine (SVM). Penelitian juga menerapkan teknik data balancing
menggunakan Random UnderSampling untuk menganalisis pengaruh
ketidakseimbangan kelas terhadap performa model.

Hasil penelitian menunjukkan bahwa algoritma SVM memiliki performa
lebih baik dibandingkan Naive Bayes dalam mengklasifikasikan komentar spam
judi online berdasarkan metrik accuracy, precision, recall, dan F1-score. Selain itu,
penerapan data balancing terbukti mampu meningkatkan kemampuan model dalam
mendeteksi kelas spam. Penelitian ini diharapkan dapat menjadi referensi dalam
pengembangan sistem moderasi otomatis komentar media sosial serta mendukung

upaya deteksi spam berbasis teks pada platform digital.

Kata kunci: NLP, spam komentar, judi online, Naive Bayes, SVM
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ABSTRACT

The rapid growth of social media, particularly the YouTube platform, has
increased digital interaction activities through comment sections. However, this
high level of activity has also led to the spread of online gambling promotional
spam comments, which may disrupt user experience and create negative social and
economic impacts. The characteristics of spam comments, such as the use of
decorative Unicode characters, leetspeak, and repetitive characters, make the
detection process more challenging. Therefore, an automatic classification system
is needed to effectively detect spam comments using Natural Language Processing

(NLP) and machine learning approaches.

This study used a dataset of 10,946 YouTube comments collected through
the YouTube Data API. The research stages included text preprocessing consisting
of Unicode normalization, case folding, leetspeak conversion, character
compression, and text cleaning. Data labeling was performed automatically using
a rule-based entity detection approach based on online gambling site name
patterns. Furthermore, text representation was conducted using the TF-IDF
method, while the classification process utilized the Naive Bayes and Support
Vector Machine (SVM) algorithms. This study also applied a data balancing
technique using Random UnderSampling to analyze the effect of class imbalance

on model performance.

The results showed that the SVM algorithm achieved better performance
than Naive Bayes in classifying online gambling spam comments based on
accuracy, precision, recall, and Fl-score metrics. In addition, the implementation
of data balancing was proven to improve the model’s ability to detect spam classes.
This research is expected to serve as a reference for developing automatic
moderation systems for social media comments and to support text-based spam

detection on digital platforms.

Keywords: NLP, spam comments, online gambling, Naive Bayes, SVM
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