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INTISARI

Penyebaran berita hoaks di Indonesia semakin meningkat seiring dengan
berkembangnya media digital dan media sosial. Hal ini menimbulkan kebutuhan terhadap
sistem pendeteksi otomatis yang mampu mengidentifikasi berita hoaks secara cepat dan akurat.
Penelitian ini bertujuan untuk menganalisis dan membandingkan kinerja dua algoritma
klasifikasi teks, yaitu Naive Bayes dan Logistic Regression, dengan menggunakan representasi
fitur TF-IDF (Term Frequency—Inverse Document Frequency). Dataset yang digunakan terdiri
dari sekitar 2.600 data berita hoaks dan non-hoaks berbahasa Indonesia. Tahapan penelitian
meliputi pengumpulan data, preprocessing teks, ekstraksi fitur TF-IDF, pelatihan model, dan
evaluasi menggunakan metrik accuracy, precission, recall, dan Fl-score. Hasil penelitian
menunjukkan bahwa kedua model mampu melakukan klasifikasi berita hoaks dengan baik,
namun Logistic Regression memberikan performa yang lebih stabil dan optimal dibandingkan
Naive Bayes berdasarkan nilai evaluasi yang diperoleh. Dengan demikian, Logistic Regression
berbasis TF-IDF direkomendasikan sebagai model yang lebih efektif untuk mendeteksi berita

hoaks berbahasa Indonesia.

Kata kunci: Naive Bayes, Logistic Regression, TF-IDF, Deteksi Hoaks, Klasifikasi Teks.
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ABSTRACT

The spread of hoax news in Indonesia has increased significantly with the rise of digital
and social media platforms. This situation highlights the need for an automated system capable
of detecting hoax news quickly and accurately. This study aims to analyze and compare the
performance of two text classification algorithms, Naive Bayes and Logistic Regression, using
the TF-IDF (Term Frequency—Inverse Document Frequency) feature representation. The
dataset consists of approximately 2000 Indonesian-language news articles, both hoax and non-
hoax. The research stages include data collection, text preprocessing, TF-IDF feature
extraction, model training, and evaluation using accuracy, precision, recall, and F1-score
metrics. The results indicate that both models perform well in hoax news classification,
however Logistic Regression demonstrates more stable and optimal performance compared to
Naive Bayes based on the evaluation metrics. Therefore, TF-IDF-based Logistic Regression is

recommended as a more effective model for detecting Indonesian-language hoax news.

Keyword: Naive Bayes, Logistic Regression, TF-IDF, Hoax Detection, Text Classification.
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