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INTISARI

Perkembangan teknologi digital mendorong meningkatnya jumlah ulasan
wisatawan pada berbagai platform daring, termasuk TripAdvisor, yang menjadi
sumber penting bagi calon pengunjung dalam menentukan pilihan destinasi wisata,
khususnya pada kawasan wisata Gunung Merapi. Namun, besarnya volume ulasan
menyebabkan proses analisis sentimen secara manual menjadi tidak efektif,
sehingga diperlukan pendekatan otomatis untuk mengidentifikasi persepsi positif
dan negatif wisatawan. Penelitian ini bertujuan untuk menerapkan metode Support
Vector Machine (SVM) dalam mengklasifikasikan sentimen ulasan pengunjung
Kawasan Gunung Merapi serta membandingkan kinerja model sebelum dan
sesudah penerapan Latent Semantic Analysis (LSA) berbasis Truncated Singular
Value Decomposition. Dataset yang digunakan sebanyak 2.264 ulasan berbahasa
Indonesia yang diperoleh dari TripAdvisor melalui teknik web scraping. Tahapan
penelitian meliputi preprocessing teks, pelabelan sentimen menggunakan
pendekatan lexicon-based, pembagian data latih dan uji, ekstraksi fitur
menggunakan TF-IDF, serta pengujian model SVM dengan dua skenario, yaitu
tanpa LSA dan dengan LSA. Hasil penelitian menunjukkan bahwa kombinasi TF-
IDF dan SVM menghasilkan akurasi terbaik sebesar 87,91%, sedangkan penerapan
LSA sebelum klasifikasi menghasilkan akurasi sebesar 85,58%, sehingga pada
penelitian ini LSA belum mampu meningkatkan kinerja klasifikasi sentimen. Hasil
penelitian ini diharapkan dapat dimanfaatkan sebagai referensi pengembangan
analisis sentimen pada bidang pariwisata berbasis data ulasan daring.

Kata kunci: analisis sentimen, support vector machine, latent semantic analysis,
ulasan wisata, gunung merapi
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ABSTRACT

The development of digital technology has driven an increasing number of
traveler reviews on various platforms, including TripAdvisor, which has become
an important resource for potential visitors in deciding on their destinations,
particularly in the Mount Merapi tourist area. However, the large volume of reviews
makes manual sentiment analysis ineffective, necessitating an automated approach
to identify positive and negative tourist perceptions. This study aims to apply the
Support Vector Machine (SVM) method to classify the sentiment of visitor reviews
in the Mount Merapi area and compare the model's performance before and after
applying Latent Semantic Analysis (LSA) based on Truncated Singular Value
Decomposition. The dataset used is 2,264 Indonesian-language reviews obtained
from TripAdvisor through web scraping techniques. The research stages include
text preprocessing, sentiment labeling using a lexicon-based approach, training and
testing data partitioning, feature extraction using TF-IDF, and testing the SVM
model in two scenarios: without LSA and with LSA. The results showed that the
combination of TF-IDF and SVM produced the best accuracy of 87.91%, while
applying LSA before classification produced an accuracy of 85.58%. Therefore, in
this study, LSA was unable to improve sentiment classification performance. The
results of this study are expected to be used as a reference for developing sentiment
analysis in the tourism sector based on online review data.

Keyword: sentiment analysis, support vector machine, latent semantic analysis,
tourism reviews, mount merapi
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