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INTISARL

Pesatnya penggunaan emai/ sebagal media komunikasi digital ditkuti
meningkatnya volume spam email yang mengandung iklan tidak diinginkan,
puﬁpuin, mafware, hingga ancaman kesmanan data. Hal ini mengganggu




ABSTRACT

The rapid edoption of email as a digital communication toof has been
ncmlm‘ by a significant increase in spam mi.* containing unsolicited
advertisements, scams. malware, and security threats. This phencmenon disrupis
wrer productivity, erodes irust in elee commumication, and heightens

s ae problem by comparing the
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