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INTISARI

Penyebaran berita hoaks di media digital semakin meningkat dan
memberikan dampak negatif terhadap masyarakat, seperti menurunnya
kepercayaan publik, munculnya kesalahpahaman informasi, serta potensi gangguan
stabilitas sosial. Oleh karena itu, penelitian ini bertujuan untuk menganalisis dan
membandingkan performa model klasifikasi berita hoaks berbahasa Indonesia
menggunakan metode Bidirectional Long Short-Term Memory (BiILSTM) dan
Bidirectional Gated Recurrent Unit (BiGRU) dengan fitur eckstraksi word
embedding FastText dan GloVe. Dataset berita hoaks dan non-hoaks diproses
melalui tahap preprocessing yang meliputi case folding, cleaning, normalisasi
singkatan, stopword removal, stemming dan tokenizing untuk persiapan pelatihan
model. Selanjutnya model dilatih menggunakan hyperparameter tuning dan k-fold
cross validation, kemudian di evaluasi menggunakan metrik evaluasi akurasi,
presisi, recall, F1-score dan confusion matrix. Hasil penelitian menunjukkan bahwa
seluruh model menghasilkan performa yang sangat baik. Model BiILSTM dengan
FastText memperoleh akurasi sebesar 98,90%, sedangkan BiLSTM dengan GloVe
mencapai akurasi 98,72%. Model BiGRU menunjukkan performa yang lebih
unggul, dengan akurasi 99,02% pada FastText dan 99,27% pada GloVe, disertai
nilai Presisi, recall, dan Fl-score di atas 99%. Hasil ini mengindikasian bahwa
model BiGRU dengan word embedding GloVe merupakan kombinasi terbaik

dalam penelitian ini untuk klasifikasi berita hoaks berbahasa Indonesia.

Kata kunci: Berita Hoaks, Klasifikasi Teks, BILSTM, BiGRU, FastText, GloVe
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ABSTRACT

The spread of fake news on digital media has increased significantly and
has caused negative impacts on society, such as declining public trust,
misinformation, and potential threats to social stability. Therefore, this study aims
to analyze and compare the performance of Indonesian fake news classification
models using Bidirectional Long Short-Term Memory (BiLSTM) and Bidirectional
Gated Recurrent Unit (BiGRU) with FastText and GloVe word embedding feature
extraction methods. The fake and non-fake news datasets were processed through
several preprocessing stages, including case folding, text cleaning, abbreviation
normalization, stopword removal, stemming, and tokenization to prepare the data
for model training. Furthermore, the models were trained using hyperparameter
tuning and 5-Fold Cross Validation, and evaluated using accuracy, precision,
recall, Fl-score, and confusion matrix metrics. The experimental results show that
all models achieved excellent performance. The BiLSTM model with FastText
achieved an accuracy of 98.90%, while BiLSTM with GloVe reached 98.72%. The
BiGRU models demonstrated superior performance, achieving 99.02% accuracy
with FastText and 99.27% Akurasi with GloVe, accompanied by precision, recall,
and Fl-score values above 99%. These findings indicate that the BiGRU model
combined with GloVe word embedding is the best-performing approach in this

study for Indonesian fake news classification.

Keyword: Fake News, Text Classification, BILSTM, BiGRU, FastText, GloVe
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