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INTISARI

Bunyakmya ulasan café di platform digital sering kali menyulitkan pengpuna
dalam menermuban cofé yong sesuni dengan preferensi sunsann, seperti temipat yang
nyaman dan tenang uniuk belajar. ]:nfﬂmaslmmighm:tmg{m]np tidak cukup




ABSTRACT

The farge number of café reviews on digital platforms often makes it difficult
Jor users fo find cqfés that mateh their preferred atmosphere, such as comfortable
and gquiet ploces for studving. Star rating infarmation alone i insufficient fo fuliy
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