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INTISARI

Program Makan Bergizi Gratis merupakan salah satu kebijakan pemerintah
Indonesia yang menimbulkan beragam tanggapan dari masyarakat. Media sosial X
(Twitter) menjadi wadah utama bagi masyarakat untuk menyampaikan opini, baik
berupa dukungan maupun kritik terhadap program tersebut. Banyaknya data teks
yang bersifat tidak terstruktur menjadikan analisis secara manual tidak efektif,
sehingga diperlukan pendekatan otomatis berbasis machine learning untuk
mengklasifikasikan sentimen masyarakat.

Penelitian ini bertujuan untuk menganalisis serta membandingkan kinerja
algoritma Support Vector Machine (SVM), K-Nearest Neighbor (KNN), dan
Random Forest dalam mengklasifikasikan sentimen masyarakat terhadap Program
Makan Bergizi Gratis. Data penelitian diperoleh melalui proses scraping dari
Twitter dan kemudian melalui tahapan preprocessing yang meliputi case folding,
text cleaning, normalisasi kata, tokenisasi, stopword removal, dan stemming. Data
selanjutnya diberi label sentimen positif dan negatif, serta dilakukan undersampling
untuk mengatasi ketidakseimbangan kelas. Ekstraksi fitur dilakukan menggunakan
metode Term Frequency—Inverse Document Frequency (TF-IDF), sedangkan
optimasi parameter model dilakukan dengan Grid Search.

Evaluasi kinerja model dilakukan menggunakan confusion matrix dengan
metrik akurasi, presisi, recall, dan Fl-score. Hasil penelitian menunjukkan bahwa
algoritma Support Vector Machine (SVM) yang dioptimasi menggunakan Grid
Search menghasilkan performa terbaik dengan akurasi sebesar 89,47%, diikuti oleh
Random Forest sebesar 83,98% dan K-Nearest Neighbor sebesar 77,43%. Hasil ini
menunjukkan bahwa penerapan Grid Search mampu meningkatkan kinerja model
klasifikasi, khususnya pada algoritma SVM, dalam analisis sentimen terhadap

Program Makan Bergizi Gratis.

Kata kunci: Analisis Sentimen, Grid Search, Support Vector Machine, K-Nearest

Neighbor, Random Forest.
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ABSTRACT

The Free Nutritious Meal Program is a government initiative in Indonesia
that has generated various public responses. Social media platform X (Twitter)
serves as a primary medium for citizens to express their opinions, including support
and criticism of the program. Due to the large volume and unstructured nature of
textual data on social media, manual sentiment analysis is inefficient, making
machine learning-based automation a suitable solution.

This study aims to analyze and compare the performance of Support Vector
Machine (SVM), K-Nearest Neighbor (KNN), and Random Forest algorithms in
classifying public sentiment toward the Free Nutritious Meal Program. Data were
collected through Twitter scraping and processed using several preprocessing
stages, including case folding, text cleaning, word normalization, tokenization,
stopword removal, and stemming. The data were labeled into positive and negative
sentiments, and undersampling was applied to address class imbalance. Feature
extraction was performed using the Term Frequency—Inverse Document Frequency
(TF-IDF) method, while Grid Search was utilized to optimize model
hyperparameters.

Model performance was evaluated using a confusion matrix with accuracy,
precision, recall, and F1-score as evaluation metrics. The results indicate that the
optimized Support Vector Machine (SVM) achieved the highest accuracy of
89.47%, followed by Random Forest with 83.98% and K-Nearest Neighbor with
77.43%. These findings demonstrate that hyperparameter optimization using Grid
Search significantly improves classification performance, with SVM showing the

most optimal results in sentiment analysis of the Free Nutritious Meal Program.

Keyword: Sentiment Analysis, Grid Search, Support Vector Machine, K-Nearest
Neighbor, Random Forest.
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