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INTISARI

Penelitian ini bertujuan untuk menganalisis sentimen pengguna Platform X
terhadap game Roblox di Indonesia serta membandingkan kinerja tiga turunan
algoritma Naive Bayes, yaitu Multinomial Naive Bayes, Bernoulli Naive Bayes,
dan Gaussian Naive Bayes. Data yang digunakan berupa komentar pengguna
Platform X yang telah melalui proses pra-pemrosesan teks dan diklasifikasikan ke
dalam dua kelas sentimen, yaitu positif dan negatif. Representasi fitur dilakukan
menggunakan metode TF-IDF, serta diterapkan teknik Synthetic Minority Over-
sampling Technique (SMOTE) untuk mengatasi ketidakseimbangan kelas.

Hasil analisis sentimen menunjukkan bahwa sentimen positif lebih
dominan dibandingkan sentimen negatif, dengan jumlah 832 data sentimen positif
dan 613 data sentimen negatif. Hal ini mengindikasikan bahwa mayoritas
pengguna Platform X di Indonesia memberikan tanggapan yang cenderung positif
terhadap game Roblox.

Berdasarkan hasil evaluasi kinerja model, Multinomial Naive Bayes
menunjukkan performa terbaik dengan nilai akurasi sebesar 0,885, presisi 0,952,
recall 0,843, F1-score 0,895, dan AUC sebesar 0,967. Bernoulli Naive Bayes juga
menunjukkan performa yang kompetitif dengan akurasi 0,882 dan AUC 0,967,
sementara Gaussian Naive Bayes memiliki performa yang relatif lebih rendah
dibandingkan dua model lainnya. Dengan demikian, dapat disimpulkan bahwa
Multinomial Naive Bayes merupakan model yang paling optimal untuk klasifikasi
sentimen pengguna Platform X terhadap game Roblox berbasis representasi fitur
TF-1DF.

Kata kunci: Analisis Sentimen, Naive Bayes, Roblox, TF-IDF, SMOTE.
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ABSTRACT

This study aims to analyze the sentiment of Platform X users toward the
Roblox game in Indonesia and to compare the performance of three Naive Bayes
algorithm variants, namely Multinomial Naive Bayes, Bernoulli Naive Bayes, and
Gaussian Naive Bayes. The data used in this study consist of user comments
collected from Platform X, which were processed through text preprocessing
stages and classified into two sentiment classes: positive and negative. Feature
representation was conducted using the Term Frequency—Inverse Document
Frequency (TF-IDF) method, and the Synthetic Minority Over-sampling

Technique (SMOTE) was applied to address class imbalance.

The results of the sentiment analysis indicate that positive sentiment is
more dominant than negative sentiment, with 832 positive sentiment data points
and 613 negative sentiment data points. This finding suggests that the majority of
Platform X users in Indonesia tend to express positive opinions toward the Roblox

game.

Based on the model performance evaluation, Multinomial Naive Bayes
achieved the best results, with an accuracy of 0.885, precision of 0.952, recall of
0.843, F1-score of 0.895, and an AUC value of 0.967. Bernoulli Naive Bayes also
demonstrated competitive performance, achieving an accuracy of 0.882 and an
AUC of 0.967, while Gaussian Naive Bayes showed relatively lower performance
compared to the other two models. Therefore, it can be concluded that
Multinomial Naive Bayes is the most optimal model for sentiment classification of
Platform X users toward the Roblox game using TF-IDF-based feature

representation.

Keyword: Sentiment Analysis, Naive Bayes, Roblox, TF-IDF, SMOTE.
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