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INTISARI

Perkembangan game online, khususnya Mobile Legends: Bang Bang,
memunculkan beragam opini dari penggunanya di media sosial. Twitter menjadi
salah satu platform yang banyak digunakan untuk menyampaikan tanggapan
terhadap game tersebut, sehingga berpotensi menjadi sumber data untuk
menganalisis persepsi publik.

Penelitian ini bertujuan untuk menganalisis sentimen pengguna terhadap
game Mobile Legends berdasarkan data tweet menggunakan algoritma Naive Bayes
Classifier. Data dikumpulkan melalui proses crawling tweet, kemudian dilakukan
text preprocessing yang meliputi cleaning, tokenisasi, penghapusan stopword, dan
stemming. Selanjutnya, data dilabeli ke dalam tiga kelas sentimen, yaitu positif,
negatif, dan netral, diekstraksi menggunakan metode TF-IDF, serta diklasifikasikan
menggunakan algoritma Naive Bayes. Evaluasi model dilakukan menggunakan
confusion matrix dan metrik akurasi.

Hasil penelitian menunjukkan bahwa dari 5.716 data tweet yang dianalisis,
dengan 3440 data bernilai netral, 643 data bernilai negatif dan 17633 data bernilai
positif. Model Naive Bayes menunjukkan kinerja yang cukup baik dengan nilai
akurasi sebesar 83,38%, sehingga mampu mengklasifikasikan sentimen pengguna

dengan cukup akurat.

Penelitian ini diharapkan dapat memberikan kontribusi dalam bidang
analisis sentimen dan klasifikasi teks berbahasa Indonesia, serta menjadi referensi
bagi pengembang game, analis media sosial, dan peneliti dalam memahami persepsi

pengguna dan mengembangkan sistem pemantauan opini publik secara otomatis.

Kata kunci: Analisis Sentimen, Mobile Legends, Twitter, Naive Bayes, Klasifikasi
Teks.
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ABSTRACT

The rapid growth of online games, particularly Mobile Legends: Bang
Bang, has generated diverse user opinions on social media. Twitter is one of the
most widely used platforms for expressing feedback on the game, making it a
valuable data source for analyzing public perception.

This study aims to analyze user sentiment toward Mobile Legends based on
Twitter data using the Naive Bayes Classifier algorithm. The data were collected
through a tweet crawling process and subsequently processed using text
preprocessing technigues, including cleaning, tokenization, stopword removal, and
stemming. The data were then labeled into three sentiment classes positive,
negative, and neutral feature extraction was performed using the TF-IDF method,
and sentiment classification was conducted using the Naive Bayes algorithm.
Model evaluation was carried out using a confusion matrix and accuracy metrics.

The results indicate that out of 5.716. analyzed tweets, with 3440 data
having a neutral value, 643 data having a negative value and 1633 data having a
positive value. The Naive Bayes model demonstrates good performance, achieving
an accuracy of 83,38%, indicating its effectiveness in classifying user sentiment.

This research is expected to contribute to the field of sentiment analysis and
Indonesian-language text classification, as well as serve as a reference for game
developers, social media analysts, and researchers in understanding user

perceptions and developing automated public opinion monitoring systems.

Keywords: sentiment analysis, Mobile Legends, Twitter, Naive Bayes, text

classification.
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