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INTISARI

Perkembangan teknologi informasi telah mendorong media sosial menjadi
ruang interaksi publik yang penting dalam menyampaikan opini dan tanggapan
terhadap kebijakan pemerintah. Pada momen 100 hari kerja pemerintahan Prabowo
Subianto, berbagai tanggapan masyarakat yang muncul di platform X (Twitter)
membentuk kumpulan data tekstual yang mencerminkan kecenderungan sentimen
publik. Kondisi tersebut menjadikan platform X sebagai sumber data yang relevan
untuk dianalisis gunamemahami persepsi masyarakat secara lebih luas dan objektif.
Penelitian ini bertujuan untuk mengidentifikasi kecenderungan sentimen publik
serta membandingkan kinerja dua algoritma klasifikasi teks, yaitu Naive Bayes dan
Support Vector Machine (SVM), dalam konteks data sosial-politik berbahasa
Indonesia.

Data penelitian terdiri dari 1.369 tweet yang dikumpulkan melalui proses
scraping. Data tersebut kemudian melalui tahapan pra-pemrosesan teks, pelabelan
manual, pembobotan Term Frequency—Inverse Document Frequency (TF-IDF),
serta penyeimbangan data menggunakan Synthetic Minority Oversampling
Technique (SMOTE) yang diterapkan pada data latih. Model klasifikasi dilatih dan
dievaluasi menggunakan metrik accuracy, precision, recall, dan Fl-score, serta
divisualisasikan melalui confusion matrix. Selain itu, analisis learning curve
dilakukan untuk melihat pola pembelajaran masing-masing model.

Hasil penelitian menunjukkan bahwa sentimen publik terhadap 100 hari
kerja pemerintahan Prabowo Subianto cederung didominnasi oleh sentimen positif
dan netral. Dari sisi performa model, SVM Linear memperoleh accuracy sebesar
0,781 dan Fl-score sebesar 0,78, lebih tinggi dibandingkan Naive Bayes dengan
accuracy sebesar 0,766 dan F1-score sebesar 0,76. Berdasarkan hasil tersebut, SVM
Linear dapat disimpulkan sebagai model yang lebih optimal dalam analisis
sentimen publik pada konteks sosial-politik berbahasa Indonesia. Temuan ini
diharapkan dapat memberikan kontribusi teoretis dalam pengembangan analisis
sentimen serta manfaat praktis bagi pemerintah, lembaga survei, dan pengembang
sistem informasi.

Kata kunci: Analisis Sentimen, Naive Bayes, Support Vector Machine, TF-IDF,
SMOTE.
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ABSTRACT

The advancement of information technology has positioned social media as
a crucial space for public interaction, enabling the expression of opinions and
responses to government policies. During the first 100 days of Prabowo Subianto’s
administration, various public reactions on platform X (Twitter) generated a
textual dataset that reflects prevailing sentiment trends. This condition makes
platform X a relevant source for analyzing public perceptions in a broader and
more objective manner. This study aims to identify public sentiment tendencies and
compare the performance of two text classification algorithms, namely Naive Bayes
and Support Vector Machine (SVM), within the context of Indonesian socio-
political data.

The dataset consists of 1,369 tweets collected through scraping. The data
underwent text preprocessing, manual labeling, Term Frequency—Inverse
Document Frequency (TF-IDF) weighting, and balancing using the Synthetic
Minority Oversampling Technique (SMOTE) applied to the training set.
Classification models were trained and evaluated using accuracy, precision, recall,
and Fl-score metrics, with results visualized through confusion matrices.
Additionally, learning curve analysis was conducted to observe the training
patterns of each model.

The results indicate that public sentiment toward the first 100 days of
Prabowo Subianto’s administration was predominantly positive and neutral. In
terms of model performance, Linear SVM achieved an accuracy of 0.781 and an
Fl-score of 0.78, outperforming Naive Bayes, which obtained an accuracy of 0.766
and an F1-score of 0.76. Based on these results, Linear SVM can be considered the
more optimal model for sentiment analysis in Indonesian socio-political contexts.
These findings are expected to provide theoretical contributions to the development
of sentiment analysis and practical benefits for government institutions, survey
agencies, and information system developers.

Keyword: Sentiment Analysis, Naive Bayes, Support Vector Machine, TF-IDF,
SMOTE.
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