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INTISARI

Perkembangan teknologi informasi telah mendorong transformasi digital
di berbagai sektor, termasuk bidang perpajakan di Indonesia. Direktorat Jenderal
Pajak (DJP) mengimplementasikan aplikasi CoreTax sebagai upaya meningkatkan
efisiensi, transparansi, dan kenyamanan dalam proses administrasi perpajakan.
Meskipun demikian, hadirnya aplikasi ini memunculkan beragam respons dari
masyarakat, mulai dari pengalaman positif terkait kemudahan akses hingga
keluhan mengenai kendala teknis yang menghambat proses pelaporan. Untuk
memahami persepsi publik secara menyeluruh, penelitian ini menerapkan analisis
sentimen berbasis teks terhadap komentar pengguna CoreTax yang diperoleh dari
platform YouTube menggunakan algoritma Naive Bayes.

Tahapan penelitian mencakup proses preprocessing data seperti cleaning,
case folding, tokenizing, stopword removal, word normalization, dan stemming
untuk menghasilkan teks yang lebih bersih dan seragam. Representasi fitur
dilakukan menggunakan metode Term Frequency—Inverse Document Frequency
(TE-IDF), sedangkan teknik Synthetic Minority Over-sampling Technique
(SMOTE) digunakan untuk menangani ketidakseimbangan pada distribusi kelas
sentimen. Hasil pengujian menunjukkan bahwa model Naive Bayes yang
dibangun memiliki performa yang baik dengan akurasi sebesar 92%, precision
0.85, recall 0.82, dan fl-score 0.84. Nilai tersebut menunjukkan kemampuan
model dalam mengidentifikasi sentimen positif dan negatif secara cukup akurat.

Secara keseluruhan, penelitian ini memberikan gambaran objektif
mengenai persepsi masyarakat terhadap aplikasi CoreTax sekaligus menunjukkan
efektivitas algoritma Naive Bayes dalam tugas klasifikasi sentimen berbasis teks.
Hasil ini dapat menjadi acuan akademis dalam pengembangan penelitian terkait

analisis sentimen menggunakan metode pembelajaran mesin

Kata kunci: Analisis Sentimen, Naive Bayes, CoreTax, TF-IDF, SMOTE
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ABSTRACT

The rapid development of information technology has driven digital
transformation across various sectors, including the taxation system in Indonesia.
The Directorate General of Taxes (DJP) introduced the CoreTax application as
an effort to improve efficiency, transparency, and convenience in tax
administration processes. However, the implementation of this system has
received diverse responses from users, ranging from positive feedback regarding
ease of access to complaints about technical issues that hinder reporting
activities. To obtain an objective understanding of public perception, this study
applies text-based sentiment analysis on user comments about CoreTax collected
from the YouTube platform, utilizing the Naive Bayes algorithm as the
classification method.

The research process involves several data preprocessing stages,
including cleaning, case folding, tokenizing, stopword removal, word
normalization, and stemming, in order to produce cleaner and more uniform
textual data. Text representation is carried out using the Term Frequency—Inverse
Document Frequency (TF-IDF) method, while the Synthetic Minority Over-
sampling Technique (SMOTE) is employed to address class imbalance in the
sentiment dataset. The evaluation results show that the Naive Bayes model
demonstrates strong performance with an accuracy of 92%, precision of 0.85,
recall of 0.82, and an Fl-score of 0.84. These metrics indicate the model’s
reliable ability to classify both positive and negative sentiments.

Overall, this study provides an objective overview of public sentiment
toward the CoreTax application and highlights the effectiveness of the Naive

Bayes algorithm for text-based sentiment classification.

Keyword: Sentiment Analysis, Naive Bayes, CoreTax, TF-IDF, SMOTE
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