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INTISARI

Pendaftaran Calon Pegawai Negeri Sipil (CPNS) menjadi isu publik yang
selalu mendapat perhatian luas, termasuk melalui komentar pengguna pada
platform YouTube. Tingginya volume opini positif dan negatif sering kali
membuat persepsi publik sulit dipetakan secara objektif, sehingga berpotensi
menimbulkan interpretasi keliru mengenai transparansi proses seleksi dan kualitas
penyelenggaraan. Ketidakmampuan pihak terkait dalam membaca kecenderungan
opini publik dapat memengaruhi kepercayaan masyarakat terhadap sistem
rekrutmen pemerintah. Oleh karena itu, dibutuhkan analisis sentimen yang
sistematis untuk mengetahui respons nyata masyarakat terhadap proses
pendaftaran CPNS.

Penelitian ini menggunakan pendekatan text mining dengan tahapan
pengumpulan komentar, pembersihan teks, normalisasi, tokenisasi, dan
pembobotan menggunakan TF-IDF. Dua algoritma pembelajaran mesin diuji,
yaitu Support Vector Machine (SVM) dengan kernel RBF dan Multinomial Naive
Bayes (MNB). Hyperparameter tuning diterapkan untuk meningkatkan performa
model. Data dibagi menjadi data latih dan data uji, kemudian dievaluasi
menggunakan metrik akurasi, precision, recall, dan confusion matrix untuk
memvalidasi kinerja model secara empiris.

Hasil evaluasi menunjukkan bahwa SVM RBF menghasilkan performa
terbaik dengan akurasi 85,16%, melampaui MNB yang memperoleh akurasi
74,48%. Temuan ini menegaskan bahwa SVM lebih efektif dalam memetakan
pola non-linear pada teks komentar YouTube terkait pendaftaran CPNS.
Penelitian ini bermanfaat bagi pemerintah, lembaga seleksi, dan peneliti kebijakan
publik untuk memahami persepsi masyarakat secara lebih akurat. Ke depan,
pengembangan dapat dilakukan dengan menambah sumber data lintas platform
serta mengintegrasikan model deep learning guna meningkatkan ketepatan
analisis.

Kata kunci: Analisis Sentimen; YouTube; Pendaftaran CPNS 2024; Naive Bayes

Classifier; Support Vector Machine; Pembelajaran Mesin; Text Mining; Analisis

Opini Publik; Data Media Sosial.
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ABSTRACT

The recruitment of Civil Servant Candidates (CPNS) has consistently
attracted widespread public attention, particularly through user comments on
YouTube. The high volume of positive and negative opinions often makes it
difficult to objectively map public perception, potentially leading to
misinterpretations regarding the transparency and quality of the selection
process. The inability of stakeholders to accurately capture the dynamics of public
sentiment may undermine public trust in the government’s recruitment system.
Therefore, a systematic sentiment analysis is required to identify the real
responses expressed by the public toward the CPNS registration process.

This study applies a text mining approach involving the stages of comment
collection, text cleaning, normalization, tokenization, and weighting using TF-
IDF. Two machine learning algorithms were evaluated, namely Support Vector
Machine (SVM) with an RBF kernel and Multinomial Naive Bayes (MNB), with
hyperparameter tuning applied to enhance model performance. The dataset was
divided into training and testing sets, and model effectiveness was assessed using
accuracy, precision, recall, and confusion matrix metrics.

The evaluation results show that the SVM RBF model achieved the best
performance with an accuracy of 85.16%, outperforming MNB, which achieved
74.48%. These findings indicate that SVM is more effective in capturing non-
linear patterns within YouTube comment texts related to CPNS registration. This
research is beneficial for government institutions, selection organizers, and public
policy researchers in understanding public perceptions more accurately. Future
studies may incorporate multi-platform data sources and integrate deep learning
methods to enhance analytical precision.

Keyword : YouTube Sentiment Analysis, Civil Servant Registration (CPNS) 2024;
Naive Bayes Classifier, Support Vector Machine; Machine Learning; Text
Mining; Public Opinion Analysis; Social Media Analytics.
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