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INTISARI

Penelitian ini bertujuan untuk menganalisis sentimen pengguna terhadap
aplikasi Indodax berdasarkan ulasan yang diperoleh dari Gosele Play Store. Data
penelitian berupa 4.000 ulasan terbaru yang dikumpulkan melalui metode weh
scrapping pada periode 3-29 Mei 2025, Proses pelabelan dilakukan berdasarkan
rating, dengan rating 5 dikategorikan sebagai sentimen positif dan rating 1-4

sehagai sentimen negatif. Hasil pela menunjukkan 3421 uvlasan positif
(85,5%) dan 379 1 1set bersifat tidak setmbang,
Data selanjutrya dip ing, stopword mtﬁm’,

stemming men OF. [}ata.set kemudian

il



ABSTRACT

This study aimy to anelyze user sentiment towand the Indoday application
based on reviews obtained from the Google Play Stare. The dataset consists of 4,000
recent reviews collected through web scraping beoween May 3-29, 2025, Sentiment
labeling was conducted using heuristic rules, where rating 5 was categorized os
pasitive sentiment and ratings -4 as negative sentiment. The labeling process

revealed 3421 positive neviews (83.5%) _and 379 negative reviews (14£.3%),
indicating class imbalance. The daig’ w prepracessed  through  cleaning,
: - Y i, and TF-IDF weighting,

tokenization, stopworsd Femovel,
then split inke tral g b
performed wsi

M ratio. Classification was
uﬂhlfﬂm‘fmﬂ

comd F0t Floscore,
¢ minoritv class i
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