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INTISARI

Ulasan pelanggan di platform digital, seperti Google Maps, menjadi sumber
informasi yang berharga bagi restoran untuk memahami kepuasan pelanggan dan
meningkatkan layanan. Penelitian ini bertujuan untuk mengembangkan model
klasifikasi sentimen pelanggan menggunakan algoritma Regresi Logistik. Sentimen
dalam ulasan dipecah menjadi dua kelas, yaitu positif dan negatif. Data ulasan
restoran dikumpulkan melalui teknik web scraping dari Google Maps. Tahapan
penelitian meliputi pengumpulan data, praproses data (pembersihan teks,
tokenisasi, stemming, dan penghapusan stop word), ekstraksi fitur menggunakan
Term Frekuensi-Inverse Document Frekuensi (TF-IDF), pengembangan model
Logistic Regression, dan model evaluasi. Hasil penelitian menunjukkan bahwa
algoritma Logistic Regression mampu mengklasifikasikan sentimen dengan akurasi
sebesar 87% , presisi 86% , recall 88% , dan F1-score 87% . Proses pra proses data
terbukti berperan penting dalam meningkatkan kualitas fitur yang digunakan oleh
model. Penelitian ini memberikan kontribusi dalam memanfaatkan data ulasan
pelanggan sebagai dasar pengambilan keputusan bisnis. Hasilnya dapat membantu
pemilik restoran untuk mengetahui pola sentimen pelanggan secara lebih
mendalam, sehingga dapat meningkatkan kualitas layanan dan pengalaman

pelanggan.

Kata Kunci: Sentimen, Regresi Logistik, Ulasan Pelanggan, Google Maps,
Analisis Data
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ABSTRACT

This research focuses on analyzing customer sentiment classification on
Google Maps restaurant reviews using the Logistic Regression algorithm. The
study aims to evaluate and compare the performance of several machine learning
models, including Logistic Regression, Support Vector Machine (SVM), and
Neural Network (Multilayer Perceptron), in distinguishing between positive and
negative sentiments. To improve model performance on imbalanced data, the
Synthetic Minority Over-sampling Technique (SMOTE) was applied. In addition,
GridSearchCV was used for hyperparameter optimization to obtain the best model
configuration. The evaluation metrics used in this study were Precision, Recall, F1-
Score, and Accuracy. The results showed that the Logistic Regression model with
SMOTE achieved the highest overall performance, with a precision of 0.89, recall
of 0.96, Fl-score of 0.92, and accuracy of 0.87. These findings indicate that
combining oversampling and parameter optimization significantly enhances
classification performance on unbalanced sentiment datasets. Therefore, the
Logistic Regression model with SMOTE is considered the most effective approach

for sentiment classification in this research.

Keywords: Sentiment Analysis, Logistic Regression, SMOTE, GridSearchCV,
MachineLearnin
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