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INTISARI 

 

Penelitian ini bertujuan untuk menganalisis korelasi antara sentimen komentar 

pengguna terhadap video Youtube JKT48 dan performa video tersebut, yang diukur 

melalui jumlah like dan view. Sentimen komentar dianalisis menggunakan model 

Long Short-Term Memory (LSTM), dengan data pelatihan yang diperoleh dari hasil 

pelabelan otomatis dan teknik oversampling SMOTE untuk mengatasi 

ketidakseimbangan kelas. Model LSTM yang dibangun menunjukkan performa 

tinggi dengan akurasi sebesar 94%, precision dan recall di atas 93% untuk kedua 

kelas sentimen (positif dan negatif), serta f1-score rata-rata sebesar 0.94. Hasil 

klasifikasi menunjukkan bahwa komentar negatif lebih dominan (55,3%) dibanding 

komentar positif (44,7%). Analisis korelasi Pearson menunjukkan hubungan yang 

sangat kuat antara sentimen komentar dan performa video. Nilai korelasi antara 

komentar positif dan jumlah likes sebesar r = 0.981, serta terhadap jumlah views 

sebesar r = 0.846. Sementara itu, komentar negatif memiliki korelasi sebesar r = 

0.995 terhadap jumlah likes dan r = 0.876 terhadap jumlah views. Hal ini 

menunjukkan bahwa baik komentar positif maupun negatif berkontribusi signifikan 

terhadap peningkatan engagement video. Penelitian ini membuktikan bahwa 

interaksi melalui komentar berperan penting dalam meningkatkan popularitas 

video. Temuan ini dapat menjadi pertimbangan dalam pengembangan strategi 

konten digital, khususnya dalam mengelola interaksi pengguna di platform media 

sosial seperti Youtube. 

 

Kata kunci: Analisis Sentimen, Youtube, JKT48, LSTM, Korelasi Pearson, 

Komentar, Engagement 
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ABSTRACT 

This study aims to analyze the correlation between user comment sentiment on 

JKT48’s Youtube videos and the videos’ performance, as measured by the number 

of likes and views. Sentiment analysis was conducted using a Long Short-Term 

Memory (LSTM) model, trained on labeled data with class imbalance addressed 

using the SMOTE oversampling technique. The resulting LSTM model 

demonstrated strong performance, achieving 94% accuracy, with both precision 

and recall exceeding 93% for positive and negative sentiment classes, and an 

average f1-score of 0.94. The sentiment classification revealed that negative 

comments were more dominant (55.3%) compared to positive ones (44.7%). 

Pearson correlation analysis showed a very strong relationship between sentiment 

and video performance. The correlation between positive comments and likes was 

r = 0.981, and with views was r = 0.846. Meanwhile, negative comments showed a 

correlation of r = 0.995 with likes and r = 0.876 with views. These results indicate 

that both positive and negative sentiments significantly contribute to increasing 

user engagement. This research demonstrates that user interaction through 

comments plays a crucial role in enhancing video popularity. These insights can 

inform digital content strategies, particularly in managing user engagement on 

social media platforms like Youtube. 

Keyword: Sentiment Analysis, Youtube, JKT48, LSTM, Pearson Correlation, 

Comments, Engagement 


