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INTISARI

Penyaluran kredit yang tepat sasaran merupakan faktor penting dalam
mengurangi risiko kredit bermasalah dan meningkatkan efisiensi lembaga
keuangan. Namun, proses penilaian kelayakan kredit sering kali menghadapi
tantangan akibat kompleksitas data peminjam. Oleh karena itu, diperlukan metode
klasifikasi yang mampu memberikan hasil prediksi dengan tingkat akurasi yang
tinggi.

Penelitian ini bertujuan untuk melakukan klasifikasi persyaratan kelayakan
peminjaman kredit menggunakan algoritma Gradient Boosting dengan penerapan
beberapa metode seleksi fitur. Empat metode yang digunakan yaitu Korelasi,
SelectKBest, L1-Based (Lasso), dan Recursive Feature Elimination (RFE).
Dataset yang digunakan merupakan data publik dari platform Kaggle.

Hasil penelitian menunjukkan bahwa metode seleksi fitur memberikan
pengaruh signifikan terhadap kinerja model. Metode L1-Based menghasilkan
performa terbaik dengan akurasi sebesar 97,07% dan F1-Score sebesar 97,08%,
melampaui baseline tanpa seleksi fitur yang memiliki akurasi 95,40%. Sementara
itu, metode korelasi 0,9 dan RFE juga memberikan hasil yang mendekati baseline,
sedangkan SelectKBest menunjukkan performa terendah. Dengan demikian,
metode L1-Based terbukti paling efektif dalam meningkatkan akurasi klasifikasi
kelayakan peminjaman kredit.

Kata kunci: Gradient Boosting, Seleksi Fitur, Klasifikasi Kredit, Machine
Learning, Risiko Kredit
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ABSTRACT

Accurate credit approval assessment plays a crucial role in reducing the
risk of non-performing loans and improving the efficiency of financial
institutions. However, the process of evaluating borrower eligibility often faces
challenges due to the complexity of financial data. Therefore, a robust
classification method is required to produce high-accuracy predictions.

This study aims to classify credit eligibility requirements using the
Gradient Boosting algorithm combined with several feature selection methods.
Four methods were applied: Correlation, SelectKBest, L1-Based (Lasso), and
Recursive Feature Elimination (RFE). The dataset was obtained from a publicly
available source on the Kaggle platform.

The results show that feature selection significantly affects model
performance. The L1-Based method achieved the best performance with an
accuracy of 97.07% and an F1-Score of 97.08%, surpassing the baseline model
without feature selection, which achieved 95.40% accuracy. Meanwhile,
Correlation (0.9) and RFE methods also provided competitive results, whereas
SelectKBest produced the lowest performance. Therefore, the L1-Based method is
proven to be the most effective in improving credit eligibility classification
accuracy.

Keyword: Gradient Boosting, Feature Selection, Credit Classification, Machine
Learning, Credit Risk
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