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INTISARI

Berbeda dengan jalanan umum, melintas di jalan tol dikenakan tarif tertentu
yang telah di atur dalam Keputusan Menteri Pekerjaan Umum dan Perumahan
Rakyat (Kepmen PUPR) No. 370/KPTS/M/2007. Riset tentang deteksi objek
sedang marak dikembangkan dalam beberapa tahun belakangan, khususnya
klasifikasi kendaraan. Kendaraan dapat dikategorikan berdasarkan jenis, logo
dimensi dan bentuknya. Dalam penelitian ini penulis menggunakan algoritma
YOLOVS untuk melakukan pendeteksian dan klasifikasi kendaraan. Penelitian ini
menggunakan dataset yang berjumlah 684 gambar dengan lima kategori yaitu
Golonganl, Golongan2, Golongan3, Golongan4, dan Golongan 5. Skenario uji
coba dilakukan dengan 6 tahap yaitu epoch 50 batch 8, epoch 75 batch 8, epoch 100
batch 8, epoch 50 batch 16, epoch 75 batch 16, epoch 100 batch 16. Preprocessing
dan training data dilakukan menggunakan Roboflow dan._Google Colab.
Berdasarkan hasil pengujian, model yang dengan nilai tertinggi dicapai oleh
skenario epoch 75 dan ukuran batch 16 dengan nilai Precision 77%, Recall 94%,
dan Akurasi 79%.

Kata kunci: Deep Learning, YOLOVS, Deteksi Kendaraan, Klasifikasi, Artificial
Intelligence
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ABSTRACT

In contrast to public roads, crossing toll roads is subject to certain tariffs that
have been regulated in the Decree of the Minister of Public Works and Public
Housing (Kepmen PUPR) No. 370/KPTS/M/2007. Research on object detection has
been developed in recent years, especially in vehicle classification. Vehicles can be
categorized by type, logo, dimensions, and shape. In this study, the author uses the
YOLOVS algorithm to detect and classify vehicles. This study uses a dataset of 684
images with five categories namely Groupl, Group2, Group3, Group4, and Group
5. The trial scenario was carried out in 6 stages, namely epoch 50 batch 8, epoch
75 batch 8, epoch 100 batch 8, epoch 50 batch 16, epoch 75 batch 16, epoch 100
batch 16. Preprocessing and training data were carried out using Roboflow and
Google Colab. Based on the test results, the model with the highest score was
achieved by the 75th epoch scenario and 16th batch size with 77% Precision, 94%
Recall, and 79% Accuracy.

Keyword: Deep Learning, YOLOVS, Vehicle Detection, Classification, Artificial
Intelligence
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