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INTISARI

World Health Organization (WHO) secara resmi menyatakan virus corona
(Covid-19) sebagai pandemi global pada tanggal 9 maret 2020. Pandemi ini
membuat kehidupan masyarakat di berbagai bidang terdampak salah satunya yaitu
institusi pendidikan. Pada saat penelitian ini dilakukan jumlah kasus harian Covid-
19 di Indonesia sedang mengalami penurunan. Pemerintah kemudian mengelurakan
kebijakan mengenai pembelajaran tatap muka untuk institusi pendidikan di
beberapa daerah dengan syarat tertentu. Beragam pendapat diutarakan oleh
masyarakat mengenai kebijakan tersebut. Salah satunya diutarakan melalui situs
media sosial Twitter. Penelitian ini bertujuan untuk menganalisis sentimen emosi
publik mengenai kebijakan pembelajaran tatap muka di masa pandemi Covid-19
dengan menerapkan algoritma Naive Bayes. Berdasarkan hasil analisis, didapatkan
bahwa respon sentimen yang diberikan masyarakat mengenai kebijakan tatap muka
cenderung positif (42,41%) diikuti dengan sentimen netral (31,18%) dan sentimen
negatif (26,41%). Nilai akurasi yang diperoleh oleh algoritma Naive Bayes sebesar
82,72% dengan rincian nilai Precission 83%, Recall 76% dan F1-Score 78%.

Kata kunci: Emosi, Naive Bayes, Klasifikasi, Twitter, Covid-19
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Abstract

The World Health Organization (WHO) officially declared the corona virus
(Covid-19) as a global pandemic on March 9, 2020. This pandemic has affected
people’s lives in various fields, one of which is educational institutions. At the time
this study was conducted the number of daily cases of Covid-19 in Indonesia was
decreasing. The government then issued a policy regarding in-class learning for
educational institutions in several regions. with certain conditions. Various
opinions were expressed by the community regarding this policy. One of them is
expressed through the social media site Twitter. This study aims to analyze public
emotional sentiment regarding in-class learning policies during the Covid-19
pandemic by applying the Naive Bayes algorithm. Based on the results of the
analysis, It was found that the sentiment response given by the public regarding
face-to-face policies tended to be positive (42.41%) followed by neutral sentiment
(31.18%) and negative sentiment (26.41%). The accuracy value obtained by the
Naive Bayes algorithm'is 82.72% with details‘of the Precision 83%, Recall 76%
and F1-Score 78%.

Keyword: Emotions, Naive Bayes, Classification, Twitter, Covid-19
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