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INTISARI

Dalam perkembangan zaman yang begitu pesat tentu akan berdampak pula
dalam perkembangan teknologi internet dengan data di Indonesia pada akhir 2019
berjumlah kurang lebih 196 juta jiwa terhubung ke internet dan sosial media,
sehingga memungkinkan terjadi kejahatan didalamnya seperti Cyberbullying
dengan data yang tertera 51,2% dari jumlah penduduk yang menggunakan internet
pernah terkena dampak bullying mengingat dalam suatu negara presentase ini
cukup besar, dan dengan ini berkenaan pula sedang tren dalam penggunaan
(machine learning) beberapa waktu terakhir.

Terdapat dua jenis metode pembelajaran machine learning yang dapat
digunakan analisis sentiment yaitu supervised learning dan unsupervised learning,
dalam penelitian akan dilakukan perbandingan dari dua metode yaitu SVM dan RF
dalam pengujian analisis sentimen tokoh masyarakat Presiden.Jokowi, dengan
jumlah data tweet sebanyak 10.000 data yang di crawling dengan menggunakan
library tweepy kemudian di simpan dengan ektensi (.csv).

Dalam pengujian model dari dua metode dengan lima kali data pengujian
didapati rata-rata keakurasian RF lebih unggul dari SVM dengan 90% tingkat
keakurasian dan waktu proses hanya 16.44 detik dengan SVM hanya 77%
keakurasian serta waktu proses 17.90 detik. Dengan demikian kesimpulan dari
penelitian metode RF yang dinilai lebih akurat ketimbang SVM.

Kata kunci: Random forest, Support Vector Machine, Python, Cyberbullying.
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ABSTRACT

In the rapid development of the era, it will certainly have an impact on the
development of internet technology with data in Indonesia at the end of 2019
totaling approximately 196 million people connected to the internet and social
media, making it possible for crimes to occur in them such as Cyberbullying with
51.2% of the data listed. The number of people who use the internet has been
affected by bullying, considering that in a country this percentage is quite large,
and with this regard, there is also a trend.in use (machine learning) in recent times.

There are two types of machine learning learning methods that can be used
for sentiment analysis, namely supervised learning and unsupervised learning, in
this study a comparison will be made of the two methods, namely SVM and RF in
testing the sentiment analysis of President Jokowi's public figures, with a total of
10,000 tweet data crawled. by using the tweepy library then saved with the
extension (.csv).

In testing the model from two methods with five times the test data, it was
found that the average accuracy of RF is superior to SVM with 90% accuracy rate
and processing time is only 16.44 seconds with SVM only 77% accuracy and
processing time is 17.90 seconds. Thus, the conclusion from the research of the RF
method is that it is considered more accurate than SVM.

Keyword: Random forest, Support Vector Machine, Python, Cyberbullying
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