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INTISARI

Pandemi Covid-19 masth menjadi masalah di dunia. Protokol kesehatan
diperiukan guna mencegah penyebaran Covid-19. Penggunaan masker wajah bagi
wisatowan ditempat umum sdalah salah satu protokol keschatan yang umum
digunakan. Di pantni imorenggoe pengecekan secara manual untuk mendeteks
wajah wisatawan vang tidak menggunakan masker adalah pekerjaan vang lama dan
melelahkan. Computer vision merupakan salah satu cabang ilmu komputer vang
dapat digtmnjum untuk klasifikasi citra.

Convolutional Neural Network {E‘NNI merupakan algoritma deep learning

3 s ::.trm Transfer learnmg merupakan
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ABSTRACT

The Covid-19 pandemic is still @ problem in the world, Health protocols are.
meeded to prevent the spread of Covid-19. The wee of foce masks for tourisis in
public places ix one of the commonly used health protocols. On the beach
imarenzro checking manually o detect the faces of towrists who are not wearing
masks is o fong and tiving fob. Computer vision is ome of the bramnches of computer
science that can be used for image elaxsification.

Comvedutional Newral Network (CNN) is a deep learning algorithm that
performs well in image classification. Transfer fearming is the latest method to
speed up traiming time on CNN and io gefileiier clossification performance. This

cati : ] wio distinguish whether people use

Bavith models for detecting

BABI1
PENDAHULUAN

1.1 Latar Belakang
Pantai Imorenggo merupakan salah satu pantai di Kabupaten Kulon Progo,
tepatnya di Dusun Imorenggo. Karangsewu, Galur, Kulon Progo. Seperti pantai

EVIE
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