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BUKTI KARYA ILMIAH

Feature Extraction using Lexicon on the
Emotion Recognition Dataset of

of sentiment analysis,
messages into negative,
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led sentiment analysis that

as been a pant of a
non in daily life. It can be
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necessity. It can be s
social media users thal
year. Various video, vo
cvery minute. The flow of data information carrnied b
social media is cnormous. Thus, it is necessary to
have an accurate processing model so that the i 3
information on social media can be processed  [5] Text data produced in emotional communication is
correctly. Social media has become a part of life in  ofien used to understand the human's emotional state.
modem socicty. Through social media, people often A person's emotional state is often associated with
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Contusion Matrix of InSet Lexicon using Random
Farest

The cmotion class “Sadness” has 2 small
proportion of false-positive values with modcrate
false negatives, which causes the “Sadness™ class to
have 2 small recall value even though it reaches a
high precession value. Fig ® shows the TF-IDF
feature extraction confusion matrix in the Random
Forest classifier.
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Confusion Matnix of TF-IDF usmz Random Forest

Feature Extraction with TF-IDF provides better
accuracy results on InSet Lexicon. Each emotion
class can be predicted with a Fl-Score. The
mwﬂﬂ:l-rhnl’m«:&nunlnsc:«

feature extraction, the cmotion class
“Slhe- with a 49% score, has the lowest FI-Score
vﬂumgodumu&m.

R Concrusion
“This stody cxamines the Lexicon based feature

extraction on the cmotion recognition dataset of
Indoncsian texts in the formof ammuonhtu-y
called InSct Lexicon. The results in this study show
an accuracy of 30%. The accuracy of this result is
higher than the previous study that had the same
datasct and classification. The difference in accuracy
1s influenced by the pre-processing stages carnied out
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in both studics. However, it has less accuracy than
feature extraction using TF-IDF which has an
accuracy of 62% on the Random Forest classifier. In
this study, cach cmotion class (Anger. Sadness,
Happy. Fear, and Love) can be detected with the used
classifier. The low accuracy valuc in the InSct lexicon
1s caused by the polarity value that is not influenced
by the cmotion labels in the datasct. Lexicon feature
extraction using the Lexicon InSet, which usually
provides high accuracy when used to analyze
Indonesian._scntiment, produces low accuracy in the
emotion recognition datasct of Indoncsian texts.

We will examine and improve the current results
for further research to. achicve better performance.
The rcscarcher also stiggests future studies to
mvestigate the ¢ffect of class imbalance on the datasct
for cach text weighting scheme. The imbalance plays
a significant rolc in creafing @ presupposition toward
sclecting the y class 1 the emotion recognition
dataset gf lndmu-nw fexts. o
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