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INTISARI

Sektor pertanian Indonesia masih dibadapkan dengan rendahnya produksi
perfanian vang disebabkan karena hama dan penvakit. Oleh karena itu, lahan
pertanian vang masih mlandmganh:mmnmmmnmpunmm&m
perkembangan serangan hamas harus dirancang. Penelitian ini bertujuan untuk
mendeteksi otomatis penvakit fanaman melalul image. processing dengan

ada Convolutional Neural Network




ABSTRACT

Indonesia’s agricultural sector is stifl faced with low  agricultural
production caused by pesis and diseases. Therefore, agricultural land that is stifl
vulnerable to pests but is able fo detect the development of pest attacks must be
designed. This study aims o detect plant diseases mutomatically through image
processing using the network application methed on the Convolutional Neural
Network applied to tomato planis.
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