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INTISARI

PeduliLindungi adalah aplikasi yang dikembangkan untuk membantu
instansi pemerintah terkait dalam melakukan pelacakan untuk menghentikan
penyebaran Coronavirus Disease (COVID-19). Aplikasi ini mengandalkan
partisipasi masyarakat untuk saling membagikan data lokasinya saat bepergian agar
penelusuran riwayat kontak dengan penderita COVID-19 dapat dilakukan.

Aplikasi ini sudah digunakan masyarakat luas guna untuk mendapatkan
sertifikat vaksin dan menjadi persyaratan verifikasi melakukan bepergian
menggunakan transportasi publik, dan aktivitas di tempat publik, harapanya dengan
adanya aplikasi- PeduliLindungi dapat mempermudah administrasi juga
mendapatkan <informasi mengenai COVID-19 disekitarnya, namun tak jarang
masyarkat mengalami kendala pada saat menggunakan aplikasi ini.

Banyaknya opini dan kritikan masyarakat di sosial media Twitter tentang
aplikasi PeduliLindungi, banyaknya kritikan dan.opini publik yang tersebar pada
media sosial Twitter, data tweets tersebut nantinya akan diproses melalui scraping,
text processing setelahnya dilakukan analisis sentimen menggunakan algoritma
Naive Bayes dan diklasifikiasikan menjadi dua label positif dan negatif.
Berdasarkan hasil klasifikasi untuk tanggapan tentang aplikasi PeduliLindungi
menggunakan Naive Bayes Classifier diperoleh hasil nilai accuracy 85.40%, nilai
recall 89%, nilai precision 83% pada kelas negatif dan nilai recall 81%, nilai
precision 88% pada kelas positive.

Kata Kunci: Analisis Sentimen, Naive Bayes, Data Mining, COVID-19, Twitter,
pedulilindungi, e-hac
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ABSTRACT

PeduliLindungi is an application developed to assist relevant government
agencies in tracking to stop the spread of Coronavirus Disease (COVID-19). This
application relies on community participation to share location data with each
other while traveling so that contact history tracing with COVID-19 sufferers can
be carried out. Users of this application will also get a notification if they are in a
crowd or are in a red zone, namely an area or sub-district where it has been
recorded that there are people who are infected with COVID-19 positive or there
are patients under surveillance.

The PeduliLindungi application has been used by the wider community, in
addition to obtaining a vaccine certificate, this application is a verification
requirement when traveling using air or land transportation and activities in public
places; the public hopes that the PeduliLindung application can facilitate
administration as well as obtain information about COVID-19 around it, but not
infrequently people experience problems when using this application.

There are many public opinions and criticisms on Twitter social media about
the PeduliLindungi application, the criticisms and public opinions are spread. The
tweets data will go through a scraping process, text processing after which
sentiment analysis is carried out using the Naive Bayes algorithm and classified
into two parts, labelled positive and negative. Based on the classification results
for responses about Pedulilindungi application using the Naive Bayes Classifier,
the results obtained are 85.40% accuracy, 89% recall value, 83% precision value
in negative class and 81% recall value, 88% precision value in positive class.

Keywords: Sentiment Analysis, Naive Bayes, Data Mining, COVID-19, Twitter,
pedulilindungi, e-hac
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