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INTISARI

Di dalam penelitian ini, peneliti melakukan analisis sentimen terhadap pssi
dalam mengelola sepakola Indonesia . Pada penelitian ini juga akan
membandingkan akurasi antara 2 model preprocessing data. pada model 1
menggunakan case folding, cleaning, stemming , stopwords removal , filtering,
tokenization. Sedangkan pada model 2 menggunakan case folding, cleaning,
stemming , stopwords removal , filtering, tokenization. ditambahkan convert
emoticon dan slangword.

Data yang telah melalui tahap preprocessing kemudian akan dilakukan
perhitungan bobot TF-IDF, data yg sudah diberi bobot data akan diklasifikasikan
menjadi kelas sentimen positif dan negative menggunakan metode Support Vector
machine. Kemudian dilakukan evaluasi dan validasi menggunakan Confusion
Matriks dan K-fold cross validation.

Hasil dari penelitian yang sudah dilakukan menunjukkan sentimen terhadap
PSSI cenderung negatif, dan perhitungan akurasi menunjukkan bahwa model 1
lebih unggul dibanding dengan mendapat tingkat akurasi 88.70% menggunakan
perhitungan confusion matrix dan 88.29% menggunakan perhitungan k-fold Cross
Validation, sedangkan model 2 mendapat akurasi 86.65% menggunakan
perhitungan confusion matriks dan 87.59% menggunakan perhitungan k-fold Cross
Validation

Kata Kunci: sentimen analisis, preprocessing, klasifikasi, support vector machine,

k-fold cross validation Confusion Matriks, K-fold cross validation.
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ABSTRACT

In this study, researchers conducted a sentiment analysis of PSSI in
managing Indonesian soccer. This research will also compare the accuracy
between 2 data preprocessing models. in model 1 using case folding, cleaning,
stemming, stopwords removal, filtering, tokenization. Whereas the model 2 uses
case folding, cleaning, stemming, stopwords removal, filtering, tokenization. added
convert emoticon and slang words.

Data that has been through the preprocessing stage will then be calculated
TF-IDF weights, data that have been given data weights will be classified into
positive and negative sentiment classes using the Support Vector machine method.
Then evaluate and validate using Confusion Matrix and K-fold cross-validation.

The results of the research that have been done show that the sentiment
towards PSSI tends to be negative, and the accuracy calculation shows that model
1 is superior compared to the accuracy level of 88.70% using the confusion matrix
calculation and 88.29% using the k-fold Cross Validation calculation, while model
2 gets an accuracy of 86.65 % uses the confusion matrix calculation and 87.59%

uses the k-fold Cross Validation calculation..

Keyword: Sentiment analysis, preprocessing, = classification, support vector

machine, k-fold cross validation, Confusion Matrix.
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