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INTISARI

Pandemi Covig-/9 yang melanda dunia muls tahun 2020 sangat
mengganggu disetiap lini kehidupan bahkan hingga pada dunia teknologi juga thut
merasakan dampaknya, dampak yang dirasakan pada dunia teknolog tepatnya pada
teknologi pmgamlnn wajah ini :ﬂl.lll.'l dik an kebiasaan baru orang-orang

Katn kunel: presensi, pengenalan wajah

xiil



ABSTRACT

The Covid-19 pasdemic that has hit the world storting in 2020 s very
disturhing in every line of fife, even the world of techmology s also feeling its
impact, the impact that is folt on the world of technolagy, Mﬁeb-.uﬂfmiaf
recagnition technology, is die to people’s new: fabits in preventing the trarsmission
af COVIDCIY. 19 of this by ixing o miask re have not boen many studies
related to faciol redognition sysiems in peaple Wi

i was sourced from the Face Mas. datiset which was shared by
ot ﬁr!an;ﬁrﬁ'qggﬂrnwh‘ﬂ:.-
v the data fram the with_mask folder checked in advan
mﬂhymmmgmm icfy Emage and

.hb[smnhfnﬂl‘hmdarhm data from the
er. At the same time, 20% of the with_mash foldee will be used
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