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INTISARI

Pemilu 2024 menjadi topik yang ramai diperbincangkan di media sosial,
khususnya pada Platform X (Twitter). Opini yang dibagikan mencerminkan
pandangan publik terhadap proses demokrasi dan kandidat yang terlibat, namun
volume data yang besar membuat analisis manual tidak efisien. Penelitian ini
bertujuan untuk menganalisis sentimen masyarakat terhadap Pemilu 2024 secara

otomatis sehingga persepsi publik dapat dipahami dengan lebih cepat dan akurat.

Data dikumpulkan melalui teknik crawl/ing dari Platform X, kemudian
diproses menggunakan tahapan preprocessing seperti pembersihan teks, tokenisasi,
normalisasi, dan stemming. Klasifikasi sentimen dilakukan dengan algoritma
Multinomial Naive Bayes menggunakan pembobotan 7F-IDF. Sentimen dibagi
menjadi dua kategori, yaitu positif dan negatif. Untuk mengatasi
ketidakseimbangan data digunakan metode SMOTE, dan model dievaluasi pada
tiga skenario pembagian data latih dan uji (90:10, 80:20, dan 70:30).

Hasil penelitian menunjukkan bahwa skenario 90:10 memberikan performa
terbaik dengan akurasi 80,45%, presisi 81,54%, recall 79,80%, dan F1-score
80,62%. Temuan ini membuktikan bahwa algoritma Multinomial Naive Bayes
efektif untuk mengklasifikasikan opini publik, serta berpotensi digunakan sebagai
alat bantu berbasis data dalam memahami dinamika persepsi masyarakat menjelang

Pemilu 2024.

Kata kunci: Analisis Sentimen, Pemilu 2024, TF-IDF, Multinomial Naive Bayes,

Twitter
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ABSTRACT

The 2024 General Election has become a widely discussed topic on social
media, particularly on Platform X (Twitter). Public opinions shared online reflect
perceptions of the democratic process and the candidates involved, yet the large
volume of data makes manual analysis inefficient. This study aims to analyze public
sentiment toward the 2024 General Election automatically, enabling a faster and

more accurate understanding of public perception.

Data were collected using a crawling technique from Platform X and
processed through preprocessing stages such as text cleaning, tokenization,
normalization, and stemming. Sentiment classification was performed using the
Multinomial Naive Bayes algorithm with TF-IDF weighting. Sentiments were
categorized into two classes: positive and negative. To address class imbalance, the
SMOTE method was applied, and the model was evaluated under three train-test
split scenarios (90:10, 80:20, and 70:30).

The results show that the 90:10 split scenario yielded the best performance,
achieving an accuracy of 80.45%, precision of 81.54%, recall of 79.80%, and F1-
score of 80.62%. These findings indicate that the Multinomial Naive Bayes
algorithm is effective for classifving public opinion and has the potential to serve
as a data-driven tool for understanding public sentiment dynamics ahead of the

2024 General Election.

Keyword: Sentiment Analysis, 2024 General Election, TF-IDF, Multinomial
Naive Bayes, Twitter
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