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INTISARI

Pesatnya perkembangan teknologi finansial telah mendorong munculnya
layanan pinjaman online yang semakin diminati masyarakat karena kemudahan
akses, proses cepat, dan minimnya persyaratan. Namun, pertumbuhan ini turut
meningkatkan resiko gagal bayar yang dapat merugikan penyediaan layanan
maupun peminjam. Oleh karena itu, diperlukan sistem prediksi yang andal untuk
menilai kelayakan calon peminjam secara objektif, dan akurat guna meminimalisir
potensi kerugian.

Penelitian ini bertujuan untuk untuk membandingkan efetifitas lima
algoritma Mechine Learning, yaitu Logistic Reggession, K-Nearest Neighbors
(KNN), Random Forest, SVM dan XGBoost dalam memprediksi kelayakan
pinjam online. Proses analisis menggunakan pendekatan CRIPS-DM (Cross-
Industry Standard Process for Data Mining) yang terdiri dari enam tahap utama :
business understanding, data understanding, data preparation, modeling,
evaluation, dan Deployment. Dataset yang digunakan berasal dari sumber terbuka
Kaggle.com dengan jumlah 4.269 entri data peminjam, yang telah melalui proses
pembersihan dan transformasi agar siap dianalisis.

Hasil penelitian menunjukan bahwa algoritma XGBoost memberikan
performa terbaik dengan akurasi 96%, diikuti oleh SVM sebesar 94% dan Logistic
Regression sebesar 92%. Pada penelitian ini menunjukan bahwa XGBoost lebih
unggul dalam menangani data yang tidak seimbang dan kompleks. Pada penelitian
ini diharapkan dapat memberikan kontribusi dalam pengembangan sistem
penilaian kredit berbasis data yang lebih akurat dan membantu penyedia layanan
pinjam online dalam pengambilan keputusan yang tepat.

Kata kunci: Pinjam online, Mechine Learning, Logistic Reggession, K-Nearest
Neighbors (KNN), Random Forest, SVM, dan XGBoost, CRISP-DM
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ABSTRACT

The rapid development of financial technology has encouraged the growth
of online loan services, which are increasingly favored by the public due to their
ease of access, fast processes, and minimal requirements. However, this growth
also increases the risk of default, potentially causing losses for both lenders and
borrowers. Therefore, a reliable and objective prediction system is needed to assess
borrower eligibility and minimize financial losses.

This study aims to compare the effectiveness of five machine learning
algorithms—Logistic Regression, K-Nearest Neighbors (KNN), Random Forest,
Support Vector Machine (SVM), and XGBoost—in predicting online loan
eligibility. The analysis uses the CRISP-DM (Cross-Industry Standard Process for
Data Mining) methodology, which consists of six phases: business understanding,
data understanding, data preparation, modeling, evaluation, and deployment. The
dataset, obtained from Kaggle.com, comprises 4,269 borrower entries that have
been cleaned and transformed for analysis.

The results show that the XGBoost algorithm achieves the highest accuracy
at 96%, followed by SVM at 94%, and Logistic Regression at 92%. These findings
indicate that XGBoost excels in handling imbalanced and complex datasets. This
research is expected to contribute to the development of more accurate data-driven
credit assessment systems and assist loan providers in making better-informed
decisions.

Keywords: Online loan, Machine Learning, Logistic Regression, K-Nearest
Neighbors, Random Forest, SVM, XGBoost, CRISP-DM
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