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INTISARI

Perkembangan media sosial membuka peluang untuk mengamati dan
menganalisis opini publik terhadap berbagai isu, termasuk terhadap tokoh publik.
Penelitian ini bertujuan untuk menganalisis sentimen publik terhadap influencer
Timothy Ronald di media sosial X menggunakan algoritma Support Vector
Machine. Sebanyak 1.509 tweet berbahasa Indonesia dikumpulkan menggunakan
metode crawling dan diproses melalui tahap cleansing, case folding, tokenizing,
stopword removal, dan stemming. Setelah pelabelan manual, fitur teks diekstraksi
menggunakan TF-IDF, lalu dilakukan penyeimbangan kelas menggunakan
SMOTE. Model SVM dilatih dengan kernel Radial Basis Function dan diuji pada
542 data, menghasilkan akurasi sebesar 89% dan F1-score tertinggi 0,95 pada kelas
positif. Meskipun performa pada kelas netral lebih rendah, model secara
keseluruhan mampu mengklasifikasikan sentimen dengan efektif. Hasil penelitian
ini menunjukkan bahwa kombinasi TF-IDF, SMOTE, dan SVM dapat diterapkan
secara optimal untuk analisis sentimen publik, dan model yang dikembangkan telah
dilmplementasikan dalam aplikasi web interaktif berbasis Streamlit untuk

menganalisis sentimen secara otomatis berdasarkan input teks.

Kata kunci: analisis sentimen, media sosial X, Support Vector Machine, TF-IDF,
SMOTE, Streamlit
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ABSTRACT

The growth of social media has opened up opportunities to observe and
analyze public opinion on various issues, including public figures. This study aims
to analyze public sentiment toward the influencer Timothy Ronald on X (formerly
Twitter) using the Support Vector Machine (SVM) algorithm. A total of 1,509
Indonesian-language tweets were collected through a crawling method and
processed through several preprocessing stages, including cleansing, case folding,
tokenizing, stopword removal, and stemming. After manual labeling, text features
were extracted using TF-IDF and class imbalance was handled using the SMOTE
technique. The SVM model was trained using the Radial Basis Function kernel and
evaluated on 542 test data, resulting in an accuracy of 89% and the highest F1-
score of 0.95 in the positive sentiment class. Although the model showed lower
performance in the neutral class, overall it was able to classify sentiment
effectively. The results of this study indicate that the combination of TF-IDF,
SMOTE, and SVM can be effectively applied for public sentiment analysis, and the
developed model has been implemented in an interactive web application using

Streamlit to analyze sentiment automatically based on user input text.

Keyword: sentiment analysis, social media X, Support Vector Machine, TF-IDF,
SMOTE, Streamlit
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