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INTISARI

Banyaknya manfuat yang di dapat di bumbu dapur dan rempah ternyata tidak
sejalan dengan pengenalan bumbu dan rempah dikalangan anak muda. Masih banyak
di antara kita yang masih belum mengenali bahkan masih sering salah penamaan
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dilakukan pengolahan citra digital untuk memilah bumbu dapur dan rempah secara
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ABSTRACT

The many benefits that can be obtained friom herbs and spices are pot in fine
with the introduction of herbs amd spices among voung peaple. There are still many off
ux who still don't recognize and ever often misname herbs and spices when processing
Indonesian food. With the development of technology and science, it ix nuw_pmsiﬂe
i dlo digital image processing to sord nel xprices auiomatically.
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