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INTISARI

Naturalisasi pemain asing dalam Tim Nasional Indonesia menjadi isu kontroversial yang
memicu beragam opini di kalangan publik, khususnya di media sosial X (sebelumnya Twitter).
Respons masyarakat mencerminkan ketegangan antara kebutuhan peningkatan performa tim
dengan kekhawatiran akan marginalisasi pemain lokal. Fenomena ini berdampak pada citra
kebijakan olahraga nasional dan menunjukkan perlunya pemahaman mendalam terhadap
persepsi publik.

Penelitian ini menggunakan pendekatan analisis sentimen berbasis algoritma Long Short-
Term Memory (LSTM) untuk mengklasifikasikan opini publik terhadap isu naturalisasi. Data
diambil melalui proses scraping dari media sosial X sebanyak 8.203 tweet yang kemudian
melalui tahapan pre-processing mencakup pembersihan teks, normalisasi, tokenisasi, dan
stemming. Label sentimen ditentukan melalui metode /exicon-based dan diklasifikasikan ke
dalam dua kategori, yaitu positif dan negatif. Model LSTM dievaluasi menggunakan empat
jenis optimizer (Adam, AdamW, RMSprop, dan Nadam) untuk mengukur performa klasifikasi.

Hasil penelitian menunjukkan bahwa sentimen negatif mendominasi (68,4%),
mencerminkan adanya resistensi publik terhadap kebijakan naturalisasi. Model LSTM dengan
optimizer Adam mencapai akurasi tertinggi sebesar 90,39% dan nilai AUC sebesar 0,9446.
Penelitian ini memberikan kontribusi dalam pengembangan metode analisis opini publik
berbasis Deep Learning, yang bermanfaat bagi akademisi, serta analis media sosial.
Rekomendasi lanjutan mencakup pengembangan model dengan dataset multibahasa serta
integrasi faktor demografis pengguna media sosial untuk hasil yang lebih komprehensif.

Kata Kunci: naturalisasi, media sosial, LSTM, analisis sentimen, Timnas Indonesia.
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ABSTRACT

The naturalization of foreign players in the Indonesian National Football Team has
sparked public controversy, especially on the social media platform X (formerly Twitter).
Public responses reflect a tension between the desire to enhance team performance and
concerns over the marginalization of local players. This issue impacts the perception of
national sports policies and highlights the importance of understanding public sentiment.

This study employs a sentiment analysis approach using the Long Short-Term Memory
(LSTM) algorithm to classify public opinion on the naturalization policy. A total of 8,203 tweets
were collected through scraping and underwent a series of preprocessing steps, including text
cleaning, normalization, tokenization, and stemming. Sentiment labels were assigned using a
lexicon-based method, categorizing tweets into positive and negative sentiments. The LSTM
model was evaluated using four different optimizers (Adam, AdamW, RMSprop, and Nadam)
to determine classification performance.

The results show that negative sentiments dominate (68.4%), indicating significant public
resistance to the naturalization policy. The LSTM model using the Adam optimizer achieved
the highest test accuracy of 90.39% and an AUC of 0.9446. This study contributes to the
advancement of deep learning-based sentiment analysis methods and provides valuable
insights for academics, and social media analysts. Future research is recommended to explore
multilingual datasets and integrate user demographic factors for a more comprehensive
analysis.

Keywords: naturalization, social media, LSTM, sentiment analysis, Indonesian national team.
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