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INTISARI

Perkembangan teknologi yang pesat di era modern ini telah memberikan
dampak signifikan pada berbagai sektor, termasuk industri game online. Hay Day,
sebagai salah satu game simulasi pertanian yang populer di Google Play Store, telah
diunduh oleh lebih dari 100 juta kali dan mendapat beragam macam ulasan
pengguna. Ulasan-ulasan ini mempengaruhi keputusan calon pengguna dalam
mengunduh dan memainkan aplikasi tersebut.

Penelitian ini dilakukan menggunakan tiga model klasifikasi yaitu Naive
Bayes, Support Vector Machine (SVM), dan K-Nearest Neighbor (KNN) untuk
mengetahui model mana yang memiliki performa terbaik dalam mengklasifikasikan
sentimen ulasan pengguna. Menggunakan dua skenario dengan penggunaan 3493
data dan 1000 data yang telah melalui proses text preprocessing dan konversi fitur
menggunakan TF-IDF. Evaluasi dilakukan dengan membandingkan akurasi,
presisi, recall, dan F1-score berdasarkan variasi jumlah data (1000 dan 3493) serta
proporsi data latih (80% dan 90%).

Hasil penelitian menunjukkan bahwa model Naive Bayes memiliki
performa terbaik dengan akurasi tertinggi sebesar 86% pada dataset 1000 ulasan
dan 90% data latih. Model Support Vector Machine dengan kernel RBF
menghasilkan akurasi maksimal sebesar 81% pada kondisi yang sama, sementara
model K-Nearest Neighbor mencapai akurasi terbaik sebesar 74%. Dengan melihat
tingkat akurasi tertinggi, kestabilan performa pada berbagai skenario data, serta
efisiensi proses pelatihan dan prediksi, model Naive Bayes dinilai sebagai algoritma
yang paling optimal dalam mengklasifikasi sentimen ulasan pengguna aplikasi Hay
Day.

Kata kunci: Analisis Sentiment, Naive Bayes, Support Vector Machine, K-
Nearest Neighbor, Hay Day.
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ABSTRACT

The rapid development of technology in this modern era has had a
significant impact on various sectors, including the online game industry. Hay Day,
as one of the popular farming simulation games on the Google Play Store, has
been downloaded more than 100 million times and received various user reviews.
These reviews influence the decision of potential users in downloading and

playing the application.

This study was conducted using three classification models, namely Naive
Bayes, Support Vector Machine (SVM), and K-Nearest Neighbor (KNN) to find
out which model has the best performance in classifying user review sentiments.
Using two scenarios with the use of 3493 data and 1000 data that have gone
through text preprocessing and feature conversion using TF-IDF. The evaluation
was carried out by comparing accuracy, precision, recall, and F1-score based on
variations in the amount of data (1000 and 3493) and the proportion of training
data (80% and 90%).

The results showed that the Naive Bayes model had the best performance
with the highest accuracy of 86% on the 1000 review dataset and 90% training
data. The Support Vector Machine model with the RBF kernel produced a
maximum accuracy of 81% under the same conditions, while the K-Nearest
Neighbor model achieved the best accuracy of 74%. By looking at the highest
level of accuracy, performance stability on various data scenarios, and the
efficiency of the training and prediction process, the Naive Bayes model is
considered the most optimal algorithm in classifying the sentiment of Hay Day

application user reviews.

Keywords: Sentiment Analysis, Naive Bayes, Support Vector Machine, K-Nearest

Neighbor, Hay Day.
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