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INTISARL

Kesehatan mental belakangsn imt menjadi isu kritis di Indonesis, dengon
fumah kasus yang terus meningkat setiap tshunnya, seiring dengan meningkatnya
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ABSTRACT

Mental health has recently become a critical ixsue in Indonexia, with the
number of cases increasing cach year, alongside the rising suicide rates in the
country. Suicide and suicide attempts not onty impact individuals but also have
profound effects on families and communitics. However, early detection af
suicidal tendencies remainy a chollenge, especially since such behavior is often
expressed  indirect] il e .. fike Twitter.  In thix snudy, a
machine learhing model wxing the Naive Baves algorithm was developed to
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