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INTISARI

Kenaikan Pajak Pertambahan Nilai (PPN) menjadi 12% di Indonesia pada
tahun 2025 menimbulkan beragam reaksi di masyarakat. Media sosial X (Twitter)
menjadi platform utama bagi masyarakat untuk menyampaikan pendapat mereka,
dengan mayoritas opini bersifat negatif. Analisis sentimen diperlukan untuk
memahami persepsi publik guna memberikan wawasan bagi pengambil kebijakan
dalam merancang strategi komunikasi yang lebih efektif.

Penelitian ini menggunakan metode analisis sentimen dengan algoritma
Support Vector Machine (SVM) untuk mengklasifikasikan sentimen masyarakat
menjadi dua kategori, yaitu positif dan negatif. Data dikumpulkan melalui teknik
crawling dari media sosial X dalam rentang waktu 1 Oktober 2024 hingga 20
Januari 2025. Tahapan preprocessing mencakup cleaning, case folding, normalisasi
kata, tokenizing, stopword removal, dan stemming. Data diberi bobot menggunakan
TF-IDF dan dilakukan balancing dengan Synthetic Minority Over-sampling
Technique (SMOTE). Model SVM digunakan untuk klasifikasi, yang kemudian
dievaluasi menggunakan akurasi, presisi, recall, dan F1-score.

Hasil penelitian menunjukkan bahwa algoritma SVM dengan. skenario
terbaik (pembagian data 80:20) mencapai akurasi 89,78%, dengan presisi. 74%
untuk sentimen positif dan 92% untuk sentimen negatif, recall 57% untuk sentimen
positif dan 96% untuk sentimen negatif, serta F1-score 64% untuk sentimen positif
dan 94% untuk sentimen negatif. Meskipun akurasi tinggi, model lebih efektif
dalam memprediksi sentimen negatif. Penelitian ini diharapkan dapat memberikan
manfaat bagi pemerintah dalam memahami persepsi masyarakat serta menjadi
referensi bagi penelitian lebih lanjut di bidang analisis sentimen.

Kata kunci: Analisis Sentimen, Pajak Pertambahan Nilai, Media Sosial X,
Support Vector Machine, SMOTE.
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ABSTRACT

The increase in Value Added Tax (VAT) to 12% in Indonesia in 2025 has
sparked various reactions among the public. Social media platform X (Twitter) has
become the primary platform for people to express their opinions, with the majority
of sentiments being negative. Sentiment analysis is necessary to understand public
perception and provide insights for policymakers in designing more effective
communication strategies.

This research employs sentiment analysis using the Support Vector Machine
(SVM) algorithm to classify public sentiment into two categories: positive and
negative. Data was collected through crawling techniques from social media
platform X within the timeframe of October 1, 2024, to January 20, 2025. The
preprocessing stages include cleaning, case folding, word normalization,
tokenizing, stopword removal, and stemming. The data was weighted using TF-IDF
and balanced using the Synthetic Minority Over-sampling Technique (SMOTE).
The SVM model was used for classification, which was then evaluated using
accuracy, precision, recall, and F1-score.

The results of the study show that the SVM algorithm with the best scenario
(80:20 data split) achieved an accuracy of 89.78%, with a precision of 74% for
positive sentiment and 92% for negative sentiment, recall of 57% for positive
sentiment and 96% for negative sentiment, and an F1-score of 64% for positive
sentiment and 94% for negative sentiment. Although the accuracy is high, the model
IS more effective in predicting negative sentiment. This research is expected to
provide benefits for the government in understanding public perception and serve
as a reference for further research in the field of sentiment analysis.

Keyword: Sentiment Analysis, Value Added Tax, Social Media X, Support Vector
Machine, SMOTE.
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