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INTISARI

Penelitian ini bertujuan untuk menganalisis sentimen masyarakat Indonesia
terhadap PO Rosalia Indah dengan menggunakan data dari Twitter. Data
dikumpulkan melalui proses crawling dengan kata kunci "rosalia indah" dan "po
rosalia indah", menghasilkan 2.665 tweet dalam rentang waktu Desember 2023
hingga Maret 2024. Setelah data diperoleh, dilakukan tahap preprocessing yang
mencakup cleaning, case folding, normalisasi, tokenisasi, stopword removal,
stemming, dan translasi ke Bahasa Inggris. Data kemudian diberi bobot
menggunakan metode TF-IDF sebelum dilakukan analisis sentimen.

Proses klasifikasi sentimen dilakukan dengan dua algoritma, yaitu Support Vector
Machine (SVM) dan K-Nearest Neighbors (KNN). Dataset dibagi menjadi 710 data
latih dan 178 data uji menggunakan rasio 80:20, yang memberikan hasil terbaik.
Berdasarkan hasil penelitian, algoritma SVM menunjukkan akurasi lebih tinggi
(79%) dibandingkan KNN (75%). SVM lebih stabil dalam menangani semua
kategori sentimen, terutama pada kelas Netral yang memiliki distribusi data lebih
kecil. Sementara itu, KNN lebih efektif dalam menangani kelas dengan distribusi
data dominan, seperti Positif dan Negatif.

Penelitian ini memberikan wawasan penting bagi PO Rosalia Indah untuk
memahami persepsi masyarakat dan meningkatkan kualitas layanan mereka. Selain
itu, penelitian ini diharapkan dapat menjadi referensi bagi pengembangan metode
analisis sentimen di masa mendatang, khususnya dalam penerapan algoritma

pembelajaran mesin.

Kata Kunci: Analisis Sentimen, Twitter, PO Rosalia Indah, SVM, KNN
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ABSTRACT

This research aims to analyze public sentiment towards PO Rosalia Indah using
data from Twitter. Data was collected through a crawling process with the
keywords "rosalia indah" and "po rosalia indah", yielding 2,665 tweets during the
period from December 2023 to March 2024. After the data was gathered, a
preprocessing stage was conducted, including cleaning, case folding,
normalization, tokenization, stopword removal, stemming, and translation to
English. The data was then weighted using the TF-IDF method before sentiment

analysis.

The sentiment classification process was conducted using two algorithms: Support
Vector Machine (SVM) and K-Nearest Neighbors (KNN). The dataset was split into
710 training data and 178 testing data using an 80:20 ratio, which produced. the
best results. Based on the findings, the SVM algorithm demonstrated higher
accuracy (79%) compared to KNN (75%). SVM exhibited better stability across all
sentiment categories, particularly in handling the Neutral class with smaller data
distribution. Meanwhile, KNN was more effective in handling classes with

dominant data distribution, such as Positive and Negative.

This research provides valuable insights for PO Rosalia Indah to understand public
perceptions and improve the quality of their services. Additionally, this study is
expected to serve as a reference for the development of sentiment analysis methods

in the future, particularly in the application of machine learning algorithms.

Keywords: Sentiment Analysis, Twitter, PO Rosalia Indah, SVM, KNN
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