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INTISARI

Threads, sebuah aplikasi jejaring sosial yang mendapatkan sorotan pada hari
peluncurannya pada tanggal 5 juni 2023 oleh META yang dikembangkan untuk
pengguna instagram. karena sudah diunduh lebih dari 100 juta kali dengan ulasan
sebanyak 320 ribu pada Google Play Store. Penelitian ini bertujuan untuk
mengklasifikasikan analisis sentimen pada ulasan pengguna aplikasi Threads di
Google Play Store menggunakan algoritma Naive Bayes dan Support Vector
Machine (SVM) dengan teknik oversampling SMOTE. Data ulasan dikumpulkan
menggunakan Octoparse dan terdiri dari 6.000 ulasan, dengan 3.765 ulasan
dikategorikan sebagai sentimen positif dan 2.235 sebagai sentimen negatif. Ulasan
dengan rating 5 dan 4 diklasifikasikan sebagai positif, sementara rating 1 dan 2
sebagai negatif. Ulasan dengan rating 3, yang sering kali bersifat netral atau
campuran, dimasukkan ke dalam kategori yang paling sesuai berdasarkan konteks
ulasan, yaitu negatif. Tahap preprocessing mencakup cleaning, case folding,
stopword removal, dan TF-IDF.

Hasil penelitian menunjukkan bahwa penerapan algoritma Naive Bayes dan SVM
memberikan hasil yang berbeda dalam Kklasifikasi ulasan. Naive Bayes
menunjukkan akurasi sebesar 79.3%, precision 80.2%, recall 59.5%, dan F1-score
34.1%. Setelah penerapan SMOTE, akurasi menurun menjadi 78.0%, precision
77.9%, recall meningkat menjadi 79.1%, dan F1-score meningkat signifikan
menjadi 78.4%. Sementara itu, SVM dengan kernel RBF menunjukkan kinerja yang
lebih baik dengan akurasi 78.9%, precision 77.4%, recall 61.7%, dan F1-score
68.6%. Setelah penerapan SMOTE, akurasi meningkat menjadi 81.3%, precision
83.9%, recall 78.2%, dan F1-score 80.9%. hasil ini memberikan Gambaran
komprehensif terkait respon pengguna terhadap aplikasi Threads, dapat menjadi

panduan bagi pengembang untuk meningkatkan kualitas aplikasi

Kata kunci: Analisis Sentimen, Naive Bayes, Support Vector Machine, SMOTE,
Threads.
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ABSTRACT

Threads, a social networking application that gained attention on its launch day on
5 June 2023 by META developed for Instagram users. because it has been
downloaded more than 100 million times with 320 thousand reviews on the Google
Play Store. This research aims to classify sentiment analysis on user reviews of the
Threads application on the Google Play Store using the Naive Bayes algorithm and
Support Vector Machine (SVM) with SMOTE oversampling technique. The review
data was collected using Octoparse and consisted of 6,000 reviews, with 3,765
reviews categorised as positive sentiment and 2,235 as negative sentiment. Reviews
with ratings of 5 and 4 were classified as positive, while ratings of 1 and 2 as
negative. Reviews with a rating of 3, which are often neutral or mixed, were put
into the most appropriate category based on the context of the review, which is
negative. The preprocessing stage includes cleaning, case folding, stopword
removal, and TF-IDF.

The results showed that the application of Naive Bayes and SVM algorithms gave
different results in review classification. Naive Bayes showed 79.3% accuracy,
80.2% precision, 59.5% recall, and 34.1% F1-score. After applying SMOTE, the
accuracy decreased to 78.0%, precision 77.9%, recall increased to 79.1%, and F1-
score increased significantly to 78.4%. Meanwhile, SVM with RBF kernel showed
better performance with 78.9% accuracy, 77.4% precision, 61.7% recall, and 68.6%
F1-score. After the application of SMOTE, the accuracy increased to 81.3%,
precision 83.9%, recall 78.2%, and Fl-score 80.9%. These results provide a
comprehensive overview of user responses to the Threads application, which can
serve as a guide for developers to improve the quality of the application.

Keyword: Sentiment Analysis, Naive Bayes, Support Vector Machine, SMOTE,
Threads.
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