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INTISARI

Penelitian ini bertujuan untuk menganalisis hubungan antara faktor risiko
hipertensi (merokok, aktivitas fisik dan konsumsi garam), prevalensi hipertensi dan
prevalensi diabetes melitus dengan perbedaan prevalensi stroke di berbagai
provinsi di Indonesia. Riset Kesehatan Dasar (Riskesdas) 2007 di 33 provinsi
menunjukkan bahwa prevalensi stroke adalah 8,2 per 1000 penduduk, dan
prevalensi tertinggi berasal dari provinsi Aceh (16,6/%o). Terdapat 11 rumah sakit
yang terlibat dalam penelitian epidemiologi ini. Hasil: 1807 pasien stroke yang
dikumpulkan dari Oktober 2012 - April 2013, stroke iskemik merupakan kasus
terbanyak (67,1%) dan hemoragik 32,9%. dan hipertensi merupakan faktor risiko
yang paling banyak ditemukan baik untuk perdarahan (71,2%) maupun stroke
iskemik (63,4%), disusul diabetes melitus dan dislipidemia. Kematian tercatat
20,3% kematian setelah 48 jam, 18,3% < 48 jam pada stroke perdarahan,
dibandingkan dengan 8,3% kematian pada stroke iskemik setelah 48 jam, dan 3,5%
<48 jam.

Penelitian ini melakukan prediksi penyakit stroke dengan menerapkan
beberapa algoritma Machine Learning, seperti Naive Bayes, Random Forest, dan
Logistic Regression. Dataset yang digunakan dalam penelitian ini berisi faktor-
faktor yang dapat menyebabkan penyakit stroke. Penelitian ini menggunakan
beberapa metrik evaluasi seperti akurasi, presisi, recall, f1-score dan Area Under
Curve (AUC) untuk memilih model terbaik dari ketiga algoritma tersebut.
Penelitian membuktikan bahwa Naive Bayes mencapai akurasi sebesar 71,34%,
Random Forest sebesar 95%, Logistic Regression sebesar 72,78%, K-Nearest
Neighbors sebesar 88,42%, Gradient Boosting sebesar 82,55%, dan Decision Tree
sebesar 92,23%. Penelitian ini memberikan gambaran mengenai manfaat penerapan
Machine Learning dalam melakukan prediksi penyakit stroke. Penerapan Machine
Learning dalam melakukan prediksi penyakit stroke dapat membantu dunia medis

mendiagnosa penyakit dengan lebih awal.

Kata kunci: Penyakit Stroke, Machine Learning,Prediksi
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ABSTRACT

This study aimed to analyze the relationship between hypertension risk
factors (smoking, physical activity and salt consumption), prevalence of
hypertension and prevalence of diabetes mellitus with differences in stroke
prevalence in various provinces in Indonesia. Basic Health Research (Riskesdas)
2007 in 33 provinces showed that the prevalence of stroke was 8.2 per 1000
population, and the highest prevalence was from Aceh province (16.6/%o). There
were 11 hospitals involved in this epidemiologic study. Results: 1807 stroke
patients collected from October 2012 - April 2013, ischemic stroke was the most
common case (67.1%) and hemorrhagic 32.9%. and hypertension was the most
common risk factor for both hemorrhage (71.2%) and ischemic stroke (63.4%),
followed by diabetes mellitus and dyslipidemia. Mortality was 20.3% after 48
hours, 18.3% < 48 hours in bleeding stroke, compared with 8.3% after 48 hours

and 3.5% < 48 hours in ischemic stroke.

This research predicts stroke disease by applying several Machine Learning
algorithms, such as Random Forest, Naive Bayes, and Logistic Regression. The
dataset used in this research contains factors that can cause stroke disease. This
study uses several evaluation metrics such as accuracy, precision, recall, f1-score
and Area Under Curve (AUC) to select the best model from the three algorithms.
The research proved that Naive Bayes achieved an accuracy of 71.34%, Random
Forest of 95%, Logistic Regression of 72.78%, K-Nearest Neighbors of 88.42%,
Gradient Boosting of 82.55%, and Decision Tree of 92.23%. This research provides
an overview of the benefits of applying Machine Learning in predicting stroke
disease. The application of Machine Learning in predicting stroke disease can help

the medical world diagnose diseases earlier..

Keyword: Stroke Disease, Machine Learning,Prediction
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