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INTISARI

Penelitian ini bertujuan untuk membandingkan kinerja dua metode
klasifikasi yaitu Support Vector Machine (SVM) dan Naive Bayes serta pengaruh
seleksi fitur Chi-Square dan Information Gain dalam analisis sentiment komentar
Youtube terhadap film Dirty Vote. Data dikumpulkan dari komentar Yotube
sebanyak 2500 data. Hasil penelitian menunjukkan bahwa seleksi fitur
meningkatkan recall dan F1-Score untuk model CNB, dengan akurasi stabil di
kisaran 73-76%. Sebaliknya, untuk SVM, seleksi fitur memberikan sedikit variasi
pada recall dan F1-Score, namun presisi tetap tinggi (88-89%). Akurasi SVM
sedikit menurun pada rasio 70:30 dan 80:20, namun tetap stabil pada rasio 90:10.
Secara keseluruhan, seleksi fitur lebih berdampak pada CNB dibandingkan SVM.
SVM secara konsisten lebih efektif daripada CNB dalam mengklasifikasikan
sentimen komentar, unggul dalam hal presisi, recall, F1-Score, dan akurasi di
semua rasio data (70:30, 80:20, dan 90:10). Dengan akurasi mencapai 83% pada
rasio 90:10 dan presisi tinggi (88-89%), SVM terbukti lebih unggul dibandingkan
CNB, meskipun CNB menunjukkan beberapa peningkatan dengan penerapan
seleksi fitur. Penelitian ini memberikan wawasan berharga mengenai pengaruh
seleksi fitur dalam analisis sentimen, yang dapat bermanfaat bagi peneliti dalam
memilih algoritma dan seleksi fitur yang tepat dan sebagai referensi untuk
penelitian selanjutnya.

Kata kunci: Analisis Sentimen, Support Vector Machine, Complement Naive
Bayes, Information Gain, Chi-Square
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ABSTRACT

This study aims to compare the performance of two classification methods,
Support Vector Machine (SVM) and Naive Bayes, and the impact of feature
selection using Chi-Square and Information Gain in sentiment analysis of YouTube
comments on the film Dirty Vote. The data consists of 2500 YouTube comments.
The results show that feature selection improves recall and F1-Score for the CNB
model, with accuracy remaining stable in the range of 73-76%. In contrast, for
SVM, feature selection results in slight variations in recall and F1-Score, while
precision remains high (88-89%). SVM accuracy slightly decreases at ratios of
70:30 and 80:20 but remains stable at a ratio of 90:10. Overall, feature selection
has a greater impact on CNB compared to SVM. SVM consistently outperforms
CNB in classifying sentiment comments, excelling in precision, recall, F1-Score,
and accuracy across all data ratios (70:30, 80:20, and 90:10). With accuracy
reaching 83% at a 90:10 ratio and high precision (88-89%), SVM proves to be
superior to CNB, although CNB shows some improvement with feature selection.
This study provides valuable insights into the impact of feature selection in
sentiment analysis, which can be beneficial for researchers in choosing appropriate
algorithms and feature selection methods, serving as a reference for future
research.

Keyword: Sentiment Analysis, Support Vector Machine, Complement Naive
Bayes, Information Gain, Chi-Square
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