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INTISARI

Klasifikasi dengan imbalanced dataset adalah topik penelitian popular
dalam machine learning dan data mining, karena hampir semua dataset memiliki
distribusi kelas yang miring atau biasa disebut imbalanced data. Namun saat ini
masih sedikit penelitian tentang penanganan imbalance data terutama
menggunakan teknik ensemble. Sehingga diperlukan penelitian lebih lanjut untuk
menentukan metode terbaik.

Pada penelitian ini, peneliti .mencoba menganalisa pengaruh teknik
ensemble terhadap akurasi pada algoritma klasifikasi dengan 10 dataset imbalance
yang berbeda. Algoritma klasifikasi yang digunakan pada penelitian ini yaitu naive
bayes dan support vector machine. Adapun teknik ensemble yang digunakan pada
penelitian_.ini yaitu bagging dan boosting. Proses analisis dilakukan dengan
membandingkan akurasi algoritma saat sebelum dan sesudah diterapkan teknik
ensemble.

Dengan langkah penelitian yang sudah dilakukan, didapatkan hasil
perbandingan akurasi algoritma. Dari semua dataset yang digunakan terdapat
peningkatan akurasi pada enam dataset saat menerapkan boosting pada algoritma
naive bayes. Setelah didapatkan hasil perbandingan akurasi dilanjutkan uji
signifikansi dengan hasil Ho diterima dan Hi ditolak yang artinya tidak ada
peningkatan yang signifikan saat diterapkan teknik ensemble terhadap akurasi
algoritma klasifikasi naive bayes dan support vector machine.

Kata Kunci: data mining, klasifikasi, naive bayes, support vector machine,
imbalance dataset, teknik ensemble, bagging, boosting.
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ABSTRACT

Classification with an imbalanced dataset is a popular research topic in
machine learning and data mining because almost all datasets have a sloping class
distribution or so-called imbalanced data. However, there is still little research on
handling imbalanced data, especially using ensemble techniques. So that further
research is needed to decide the best method.

In this study, the researcher tried to analyze the effect of the ensemble
technique on the accuracy of the classification algorithm with 10 different
imbalance datasets. The classification algorithm used in this study is a naive bayes
and support vector machine. The ensemble technique used in this research is
bagging and boosting. The analysis process is carried out by comparing the
accuracy of the algorithm before and after the ensemble technique is applied.

With the research steps that have been carried out, the results of the
algorithm accuracy comparison are got. Of all the datasets used, there is an
increase in the accuracy of the six datasets when applying boosting to the Naive
Bayes algorithm. After obtaining the results of the comparison of the accuracy, the
significance test was continued with the results of HO being accepted and H1 was
rejected, so there was no significant increase when the ensemble technique applied
to the accuracy of the naive Bayes classification algorithm and the support vector
machine.

Keywords: data mining, classification, naive bayes, support vector machine,
imbalance dataset, ensemble technique, bagging, boosting.
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