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INTISARI

Shopee merupakan aplikasi belanja online terbesar di Indonesia dan berhasil
meraih peringkat pertama dalam kategori markeiplace pada kuartal 11 tahun 2023,
Akan tetapi, semua itu tidak dapat digunakan sebagai tolak ukur kepuasan
pengpuna. Dalam konteks i, kepuasan pengouna hanya dapal diukur dan
komentar dan rating yvang diberikan oleh pengguna aplikasi Shopee di Google Play
Store. (Meh sebab itu, diperlukan analisis_sentimen terhodap komentar ﬂpilkam
Shopee, vang bertujuan untuk mhhuk ﬂﬂmtur masyarakat tentung splikasi
Shopee di Google Play Store cen sitif i negatif. Untuk melaksanakan

analisis sentimen terhadap komentar T w, *ﬂ;hlflmg digunakan adolah dota
komentar dan I;ﬁnﬂmggmuﬂm %ﬁ, vang berjumiah 1500
data. Terdapat empat skenario dalam tahap Klasifikas). Pertama, metode pelabelan

manual. Kedua, metode pelabelan manusl + SMOTE implementasi algoritma
klasifikasi, Ketiga, pelabelan menggunakan ]"znm?;,ﬂadm keempat, pelabelan
JextBloh + SMOTE pada implementasi algoritma kla. s, yaiu Multinomial
Hﬁ"! .ﬂ'q':: Random %ﬂ Clussifier, Lngﬁﬂ'ﬂ" sin Support Fector
m K-Nvarest Neighbors, dan Exira Trees Cf’uﬂﬁ# untuk membandingkan
kineja semua algoritma tersebut dan menentukan m m vang
mqﬂﬁﬁmhlmsl tertinggi. Pengujian dilakukan menggunakan confision maric
untuk Wﬁliunsl kinerja dari masing-masing algoritma klasifikasi. Hasil
g@ﬂl mn;ukkan bahwa algoritma K-Nearest Neighbars padn m
E mencapai akurasi tertinggi, yaitu sebesar 90.35%. Temuan dan
enjadi panduan boagi pihak manajemen Shopee untuk mr_ngmﬂyngkan
qﬂﬂﬁi&lﬂimngkmkm kualitas layanan.

Iﬂlhl‘lﬂ. Natural Langnage Processing, Analisis: ! _'%ﬂﬁ,:ﬁmgie
P[irﬁ:m:. SMOTE.




ABSTRACT

Shopee is the largest online shopping application in Indonesiz and was
ranked first in the marketplace category in the second quarter of 2023, However,
all of that cannot be used as a measure of user satisfaction. In this context, user
satisfaction can only be messured from the comments and ratings given by Shopee
app users on the Google Play Store. Therefore, a sentiment analysis of Shopee app
comments is needed. which aims to see whether people’s comments about the
Shopee app on the Google Play Store tend o be positive or negative. To carry out
sentiment analysis of these comments, 'lﬁu data used is data on comments and
ratings of Shopes. um’nh the Google mﬁqm, which amounts to 1500 dato.
There are four scenarios m—.ﬂr. classification stage, First, the manual labeling
method. Sm the mm-imﬁlﬂmg method in the implementation of
ll't-e cl:lxﬂﬁm algﬁiﬂin.Tﬁﬂ,Mng using TexiBlob, and fourth, TexiBlob
0 o niation of nlm wm namely
Bﬁm andom Forest Classifier, L Gi
%ﬂﬂhma K Neuﬂﬂclghburs, and Extra Trees fier, to compare the
panee of all these algorithms and determine m-ﬁm}mﬁdﬁ the
hrﬂuﬁ'mry Tests were conducted using confusion matrix o evaluate the
e of each classification algorithm. The test results Mi‘hﬁ K-
Naﬂ'ﬁw algorithm in the third scenario achieved meww of
9().35%, The findings from this research can be a guide for Shopee management (o
develop its application and improve service quality.

- boode Malical 1 angiage Processing, Sentiment W%M&ngle Play
Store, SMOTE.
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