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INTISARL
Terdapat permasalshan yang seringkali muncul pada Klasifikasi, yaitu
ketidakseimbangan kelas. Perbandingan antar teknik resampling yang telah dilakukan
sebelumnya hanya diujikan pada satu dataser saja. Tentunya hal i akan
ensi performa teknik resampling.
ik rexampling mi belum ada

ek Keticfoks g, Kigxifikesi, Roandom
Undersampling, SMOTE



ABSTRACK
There are problems that often arise in classification. namely class imbalanced. The
comparison between resampling techniques that has been done before is only tested
on one dataset. Of course it will taise a question about the consistency of the
performance of resampling technigques. studies on the companson between
resampling techniques
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