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INTISARI

Penyakit jantung merupakan tantangan kesehatan serius yang memerlukan
prediksi dan diagnosis yang akurat. Penelitian ini mengeksplorasi penerapan
metode eXtreme Gradient Boosting (XGBoost) dalam klasifikasi dan prediksi
penyakit jantung dengan menggunakan dataset klinis pasien yang didapatkan dari

Kaggle (https://www.kaggle.com/datasets/rashikrahmanpritom/heart-attack-

analysis-prediction-dataset). Fokus penelitian melibatkan analisis dampak

implementasi XGBoost, tingkat akurasi yang dicapali, identifikasi variabel yang
signifikan, dan pemilihan parameter optimal. Melibatkan perbandingan dengan
algoritma Random Forest dan Support Vector Machine (SVM). Exploratory Data
Analyst menggambarkan distribusi karakteristik seperti usia, jenis nyeri dada,
tekanan darah, dan kolesterol pada sampel. Feature selection menyoroti variabel
yang paling mempengaruhi output, termasuk exng, cp, oldpeak, dan thalachh. Hasil
evaluasi kinerja model XGBoost menggunakan Confusion Matrix menunjukkan
akurasi yang baik (85,25%), presisi yang memadai (81,57%), recall yang tinggi
(93,94%), dan fl-score sebesar 87,32%. Dalam  perbandingannya SVM
menghasilkan nilai yang paling baik dengan akurasi 86,67% dan f1-score 87,50%
mengungguli performa XGBoost dengan akurasi 85,25% dan f1-score 87,32% dan
Random Forest dengan akurasi 81,97% dan fl-score 85,34%. Kesimpulan
penelitian menekankan bahwa XGBoost efektif dalam klasifikasi penyakit jantung,
dan saran untuk penelitian selanjutnya mencakup implementasi metode pada
dataset lain dan penanganan ketidakseimbangan data.

Kata kunci: XGBoost, Penyakit Jantung, Klasifikasi, Confusion Matrix
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ABSTRACT

Heart disease is a serious health challenge that requires accurate prediction
and diagnosis. This research explores the application of the eXtreme Gradient
Boosting (XGBoost) method in heart disease classification and prediction using
patient clinical datasets obtained from Kaggle

(https://www.kaggle.com/datasets/rashikrahmanpritom/heart-attack-analysis-

prediction-dataset). The focus of the research involved analyzing the impact of

XGBoost implementation, the level of accuracy achieved, identification of
significant variables, and selection of optimal parameters. This involved
comparison with Random Forest and Support Vector Machine (SVM) algorithms.
Exploratory Data Analyst described the distribution of characteristics such as age,
type of chest pain, blood pressure, and cholesterol in the sample. Feature selection
highlights the variables that most influence the output, including exng, cp, oldpeak,
and thalachh. The performance evaluation results of the XGBoost model using
Confusion Matrix showed good accuracy (85.25%), adequate precision (81.57%),
high recall (93.94%), and f1-score of 87.32%. In comparison SVM produced the
best value with an accuracy of 86.67% and f1-score of 87.50% outperforming the
performance of XGBoost with an accuracy of 85.25% and f1-score of 87.32% and
Random Forest with an accuracy of 81.97% and fl-score of 85.34%. The
conclusion emphasizes that XGBoost is effective in heart disease classification, and
suggestions for future research include implementing the method on other datasets

and handling data imbalance.

Keyword: XGBoost, Heart Disease, Classification, Confusion Matrix
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