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Think first before action.

As long as that’s a positive thing for the future, just do it!
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INTISARI

Game — game yang sudah ada saat ini, umumnya dirancang agar dapat
dimainkan oleh manusia, pada penelitian ini, game akan dimainkan oleh kecerdasan
buatan (agen) yang akan diimplementasikan pada gameplay game yang ber-genre

Endless Running.

Metode yang aka:n digunakan adalah menggunakan sub-metode dari
Neuroevolution yaitu Neuroevolution of Augmenting Topologies (NEAT). Dengan
metode ini memungkinkan agen dapat melatih diri untuk memainkan permainan
game dengan mempelajari ruang lingkup dari lingkungan game melalui proses
evolusi yang mengkombinasikan Artificial Neural Network (ANN) dan juga

algoritma genetika.

Hasil penelitian yang telah dilakukan, metode NEAT berhasil
diimplemetasikan kedalam game yang ber-genre Endless Running, yang mampu
menyelesaikan permainan dengan maksimal skor 999 di generasi ke-40 dan tetap
stabil di generasi ke-50 dengan training data generasi sebanyak 100 generasi
dengan populasi sebanyak 150 populasi. Agen yang dilatih dengan metode NEAT
mampu menyelesaikan keseluruhan permainan hingga skor maksimal 999 dengan

threshold spesiasi sebesar 0.8.

Kata Kunci: Keceradasan Buatan, Artificial Neural Network, Neuroevolution of

Augmenting Topologies, Algoritma Genetika.
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ABSTRACT

Games that already exist today, are generally designed to be played by
humans, in this study, the game will be played by artificial intelligence (agents)

which will be implemented in the gameplay of games that are endless running.

The method that will be used is using the sub-method of Neuroevolution
namely Neuroevolution of Augmenting Topologies (NEAT). This method allows
agents to train themselves to play game play by learning the scope of the game
environment through an evolutionary process that combines Artificial Neural

Network (ANN) and genetic algorithms.

The results of this research, it was concluded that the NEAT method was
successfully implemented into the Endless Running game which could finish the
game with a maximum score of 999 in the 40th generation and remain stable in the
50th generation with 100 generations of training data with the population 150
populations. Agents trained with the NEAT method are able to complete the entire

game to a maximum score of 999 with a speciation threshold of 0.8.

Keywords: Artificial Intelegent, Artificial Neural Network, Neuroevolution of

Augementing Topologies, Genetic Algorithm.
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