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‭INTISARI‬

‭Delay‬ ‭sudah‬ ‭menjadi‬ ‭masalah‬ ‭yang‬ ‭lumrah‬ ‭terjadi‬ ‭dalam‬ ‭jadwal‬

‭penerbangan‬‭pesawat‬‭terbang.‬‭Delaynya‬‭sebuah‬‭pesawat‬‭terbang‬‭dapat‬‭merugikan‬

‭berbagai‬ ‭pihak,‬ ‭baik‬ ‭dari‬ ‭pihak‬‭pengguna‬‭maskapai‬‭penerbangan‬‭yang‬‭dirugikan‬

‭waktunya,‬ ‭serta‬ ‭pihak‬ ‭maskapai‬ ‭yang‬ ‭harus‬ ‭mengganti‬ ‭rugi‬ ‭kepada‬ ‭pengguna‬

‭maskapai‬‭penerbangan.‬‭hal‬‭ini‬‭yang‬‭menjadi‬‭latar‬‭belakang‬‭dari‬‭penelitian‬‭skripsi‬

‭ini,‬ ‭dengan‬ ‭tujuan‬ ‭untuk‬ ‭memprediksi‬ ‭apakah‬ ‭akan‬ ‭terjadi‬ ‭delay‬ ‭pesawat‬ ‭pada‬

‭satu jadwal penerbangan pesawat terbang.‬

‭Data‬ ‭yang‬ ‭akan‬ ‭digunakan‬ ‭dalam‬ ‭prediksi‬ ‭kejadian‬ ‭delay‬‭ini‬‭adalah‬‭data‬

‭penerbangan‬ ‭yang‬ ‭tercatat‬ ‭dalam‬ ‭berbagai‬ ‭airport‬ ‭di‬ ‭amerika‬ ‭serikat.‬ ‭Data‬ ‭ini‬

‭digunakan‬ ‭sebagai‬ ‭purwarupa‬ ‭dari‬ ‭apa‬ ‭yang‬ ‭sekiranya‬ ‭akan‬ ‭diperlukan‬ ‭dalam‬

‭implementasi‬‭prediksi‬‭delay‬‭penerbangan‬‭pesawat‬‭terbang‬‭di‬‭indonesia.‬‭Jenis‬‭data‬

‭yang‬ ‭digunakan‬ ‭pada‬ ‭penelitian‬ ‭skripsi‬ ‭ini‬ ‭seluruhnya‬ ‭berjenis‬ ‭kuantitatif.‬

‭algoritma‬ ‭yang‬ ‭akan‬ ‭digunakan‬ ‭dalam‬ ‭prediksi‬ ‭delay‬‭pesawat‬‭terbang‬‭ini‬‭adalah‬

‭algoritma k-nearest neighbors.‬

‭hasil‬ ‭penelitian‬ ‭ini‬ ‭menunjukkan‬ ‭bahwa‬ ‭algoritma‬ ‭k-nearest‬ ‭neighbors‬

‭belum‬ ‭cukup‬ ‭baik‬ ‭dalam‬ ‭memprediksi‬‭delay‬‭pada‬‭penerbangan‬‭pesawat‬‭terbang,‬

‭hal‬ ‭ini‬ ‭dibuktikan‬ ‭dengan‬ ‭performa‬ ‭prediksi‬ ‭algoritma‬ ‭k-nearest‬ ‭neighbors‬‭yang‬

‭tetap‬ ‭berkutat‬ ‭pada‬ ‭65%.‬ ‭Dalam‬ ‭hal‬ ‭ini‬ ‭peneliti‬ ‭menyarankan‬ ‭kepada‬ ‭peneliti‬

‭selanjutnya‬ ‭untuk‬ ‭menggunakan‬ ‭algoritma‬ ‭yang‬ ‭berbeda,‬ ‭menambahkan‬ ‭data‬

‭yang‬ ‭akan‬ ‭digunakan‬ ‭seperti‬ ‭data‬ ‭cuaca,‬ ‭serta‬ ‭melakukan‬ ‭klasifikasi‬ ‭ulang‬‭pada‬

‭data yang digunakan pada penelitian skripsi ini.‬

‭Kata kunci:‬‭Delay, K-Nearest Neighbors, Kuantitatif.‬
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‭ABSTRACT‬

‭The‬‭delay‬‭has‬‭become‬‭a‬‭common‬‭problem‬‭in‬‭airplane‬‭flight‬‭schedules.‬‭The‬

‭delay‬ ‭of‬ ‭an‬ ‭airplane‬ ‭can‬ ‭be‬ ‭detrimental‬ ‭to‬ ‭various‬ ‭parties,‬ ‭both‬ ‭from‬ ‭the‬‭airline‬

‭users‬ ‭who‬‭are‬‭losing‬‭time,‬‭as‬‭well‬‭as‬‭the‬‭airline‬‭that‬‭must‬‭compensate‬‭the‬‭airline‬

‭users.‬ ‭This‬ ‭has‬ ‭become‬ ‭the‬ ‭background‬ ‭of‬ ‭this‬ ‭thesis‬ ‭research,‬ ‭with‬ ‭the‬ ‭aim‬ ‭of‬

‭predicting whether there will be an airplane delay on an airplane flight schedule.‬

‭The‬ ‭data‬ ‭that‬ ‭will‬ ‭be‬ ‭used‬ ‭in‬ ‭the‬ ‭prediction‬‭of‬‭delay‬‭events‬‭is‬‭flight‬‭data‬

‭that‬ ‭is‬ ‭recorded‬ ‭in‬ ‭various‬ ‭airports‬ ‭in‬ ‭the‬ ‭United‬ ‭States.‬ ‭This‬ ‭data‬ ‭is‬ ‭used‬ ‭as‬ ‭a‬

‭prototype‬ ‭of‬ ‭what‬ ‭will‬ ‭be‬‭needed‬‭for‬‭the‬‭implementation‬‭of‬‭airplane‬‭flight‬‭delay‬

‭prediction‬ ‭in‬ ‭Indonesia.‬ ‭The‬ ‭type‬ ‭of‬ ‭data‬ ‭used‬ ‭in‬ ‭this‬ ‭thesis‬ ‭research‬ ‭is‬ ‭entirely‬

‭quantitative.‬‭The‬‭algorithm‬‭that‬‭will‬‭be‬‭used‬‭in‬‭the‬‭prediction‬‭of‬‭airplane‬‭delay‬‭is‬

‭the k-nearest neighbors algorithm.‬

‭The‬‭results‬‭of‬‭this‬‭study‬‭indicate‬‭that‬‭the‬‭k-nearest‬‭neighbors‬‭algorithm‬‭is‬

‭not‬‭quite‬‭good‬‭enough‬‭in‬‭predicting‬‭delays‬‭in‬‭airplane‬‭flights,‬‭this‬‭is‬‭evidenced‬‭by‬

‭the‬‭prediction‬‭performance‬‭of‬‭the‬‭k-nearest‬‭neighbors‬‭algorithm‬‭which‬‭remains‬‭at‬

‭65%.‬ ‭In‬ ‭this‬ ‭case,‬ ‭the‬ ‭researcher‬ ‭suggests‬ ‭to‬ ‭future‬ ‭researchers‬ ‭to‬ ‭use‬ ‭different‬

‭algorithms,‬‭add‬‭data‬‭to‬‭be‬‭used‬‭such‬‭as‬‭weather‬‭data,‬‭and‬‭reclassify‬‭the‬‭data‬‭used‬

‭in this thesis research.‬
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