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INTISARI

Media sosial, khususnya Twitter, telah menjadi platform utama bagi
pengunjung event budaya pop Jepang untuk berbagi pendapat dan pengalaman
mereka. Event-event ini, seperti konser musik, festival anime, dan acara cosplay,
memiliki penggemar yang cukup besar di Indonesia dan cukup dibicarakan di
media sosial. Analisis sentimen memiliki peran penting dalam memahami respons
dan sentimen dari pengunjung terhadap event-event ini. Penelitian ini
menggunakan salah satu algoritma dari Supervised Learning yaitu Support Vector
Machine. mampu mengklasifikasikan teks menjadi kategori-kategori sentimen
seperti positif, negatif, atau netral. Dari algoritma tersebut menggunakan kernel
linear dengan algoritma pembanding yaitu Multinomial Naive Bayes untuk
melihat perbandingan performa pada kedua algoritma tersebut. Dari percobaan
yang dilakukan dengan pembagian data latih sebesar 90% dan data latih sebesar
10% dari 3968 data, Support Vector Machine mendapatkan hasil akurasi sebesar
83.3% sedangkan Multinomial Naive Bayes mendapatkan akurasi sebesar 68.7%.
Support Vector Machine mendapatkan akurasi lebih baik dibandingkan
Multinomial Naive Bayes.

Kata kunci: Support Vector Machine, Multinomial Naive Bayes, Analisis
Sentimen, Twitter.
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ABSTRACT

Social media, particularly Twitter, has become a major platform for
visitors to Japanese pop culture events to share their opinions and experiences.
These events, such as music concerts, anime festivals, and cosplay events, have a
sizable fan base in Indonesia and are quite talked about on social media.
Sentiment analysis plays an important role in understanding the responses and
sentiments of visitors to these events. This research uses one of the algorithms
from Supervised Learning, namely Support Vector Machine, which is able to
classify text into sentiment categories such as positive, negative, or neutral. The
algorithm uses a linear kernel with a comparison algorithm, namely Multinomial
Naive Bayes, to see the performance comparison of the two algorithms. From the
experiments conducted with the division of training data by 90% and training
data by 10% of 3968 data, Support Vector Machine gets an accuracy result of
83.3% while Multinomial Naive Bayes gets an accuracy of 68.7%. Support Vector
Machine gets better accuracy than Multinomial Naive Bayes.

Keyword: Support Vector Machine, Multinomial Naive Bayes, Sentiment
Analysis, Twitter.
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