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Intisari

Berdasarkan analisis sentimen menggunakan metode Naive Bayes pada
713 data tweet pengguna yang mengeluhkan terhadap provider XL, diperoleh
hasil yang menjanjikan. Pengujian pada 143 data uji menunjukan akurasi sebesar
85,31% dengan tingkat kelayakan baik, dengan Sentimen positif memiliki presisi
89,85%, recall 92,53%, dan f1 score 91,02%. Sentimen negatif memiliki presisi
84,05%, recall 89,23%, dan f1- score 86,56%. Sentimen netral memiliki presisi
40%, recall 18,18% dan fl-scores 24,99%. Pengujian pada 143 data uji
menghasilkan 65 sentimen negatif, 11 sentimen netral, 67 sentimen positif. Hasil
sentimen negatif diartikan menjadi 65 keluhan dan pengujian seluruh data
menghasilkan 345 sentimen negatif atau keluhan. Hasil ini menunjukan bahwa
metode Naive Bayes dapa efektif dalam menganalisa sentimen keluhan pengguna
provider XL pada Twitter.

Keyword: analisis sentimen, Naive Bayes, Twitter.



Abstract

Based on sentiment analysis using the Naive Bayes method on 713 data
tweets from users who complained about the XL provider, promising results were
obtained. Tests on 143 test data showed an accuracy of 85.31% with a good level
of eligibility, with positive sentiment having a precision of 89.85%, a recall of
92.53%, and an f1 score of 91.02%. Negative sentiment has a precision of
84.05%, recall of 89.23%, and fl1-score of 86.56%. Neutral sentiment has 40%
precision, 18.18% recall and 24.99% f1-scores. Testing on 143 test data produces
65 negative sentiments, 11 neutral sentiments, 67 positive sentiments. Negative
sentiment results were interpreted to be 65 complaints and testing all data
resulted in 345 negative sentiments or complaints. These results indicate that the
Naive Bayes method can be effective in analyzing the sentiments of XL provider
users' complaints on Twitter.

Keyword: sentiment analysis, Naive Bayes, Twitter.

Vi



