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INTISARI

Pencurizn datn pengguna dari internet melalui web palsu vang dirancang

menyerupai asli disebut web phishing. Web phishing juga tﬂ_‘]ﬂdj pada media sosial

dan internet harking. Web phishing tersebut akan mengelabuhi pengguna internet

untuk memasukkan informasi penting seperti password ataupun data bank,
sz]uugga pelaku phishing bisa data tersebut.

penehhm imi, untuk mencegah knminalitas phishing sehingga

nwng{mgldmhnsnmnghmdm ttus phishing terhadap pengguna

ﬂﬂﬂwlmgﬂu nimmang
uji coba terjadi peningkatan akurasi p



ABSTRACT

The theft of wyver data from the intevnet via a foke weh designed to resemble
the real thing or called web phishing. Weh phishing also ocours in social media
and imternel banking. The webh phishing will trick infernet uxers into entering
important information such as passwerds or bank data, so that phisers can get the
derta,

In this study. fo preveni phishing crime so as to reduce and avoid loss of
phishing sitex ta imtermed wsers, a classific 7 ad:ﬁ.rnﬁdcdfnprrdiﬂpﬁiihfn;gh
indiceated webs, using the best perfamn af the decision tree (CART)
classification algapithms, &-neares il mba-ﬂm TDIWHIE
the informatiom g Tl bt A e W‘” in detecting
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MRS, and 90.09%. From the testing, H
the decision tree (CART), the decrease war ik a
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he fest results, it is proven that feature selectio
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