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INTISARI

Sistem rekomendasi merupakan salah satu hal terpenting saat ini untuk
pelaku industri entah itu bidang hiburan maupun bisnis di era digital saat ini. Dalam
membangun sistem rekomendasi, pelaku industri harus cermat dalam memilih
algoritma yang digunakan supaya pada saat sistem dijalankan, pengguna justru
merasa kecewa dan risih dengan rekomendasi yang diberikan karena tidak relevan.
Banyak teknik yang dapat digunakan dalam membangun sistem rekomendasi,
diantaranya adalah Collaborative Filtering dan Matrix Factorization. Meski
Collaborative Filtering banyak dipakai dan memiliki kemampuan yang bagus,
tidak menutup kemungkinan bahwa masih ada algoritma yang memiliki performa
lebih bagus dan mampu menutupi kekurangan Collaborative Filtering. Singular
Value Decomposition atau SVD merupakan salah satu dari banyak teknik Matrix
Factorization yang mampu mengatasi hal tersebut. Penelitian ini membahas tentang
bagaimana cara SVD bekerja serta bagaimana performanya sebagai sistem
rekomendasi. Hasilnya, SVD mampu memberikan hasil akurasi yang bagus sebesar
0.9919, bahkan SVD mampu menandingi dan mengalahkan bebarapa algoritma
sistem rekomendasi lainnya seperti KNN (K-Nearest Neighbour), NMF (Non-
negative Matrix Factorization) dan Slope One yang digambarkan secara visual

pada penelitian ini.

Kata kunci: Collaborative Filtering, Matrix Factorization, KNN, NMF, SVD,
SlopeOne
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ABSTRACT

Recommendation system is one of the most important things right now for
industry players, whether it's the entertainment or business sector in today's digital
era. For building a recommendation system, industry players must be careful in
choosing the algorithm used so that when the system is running publicly, users may
actually feel disappointed and uncomfortable with the recommendations given
because it’s may not be relevant. There are many techniques can be used in building
recommendation systems, such as Collaborative Filtering. Even though
Collaborative Filtering is widely used and has good capabilities, it is possible that
there are still algorithms that have better performance and are able to cover the
weaknesses of Collaborative Filtering. Singular Value Decomposition or SVD is
one of the many Matrix Factorization techniques that can overcome this. This study
discusses how SVD works and how it performs as a recommendation system. As a
result, SVD is able to provide good accuracy results of 0.9919, SVD is even able to
match and beat several other recommendation system algorithms such as KNN (K-
Nearest Neighbor), NMF (Non-negative Matrix Factorization) and Slope One

which are described visually in this study..

Keyword: Collaborative Filtering, Matrix Factorization, KNN, NMF, SVD,
SlopeOne
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