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INTISARI

Kanker serviks merupakan penyakit yang sering dialami wanita dan menjadi
penyakit dengan penderita kedua terbanyak setelah kanker payudara di Indonesia.
Menurut World Health Organitation (WHO) pada tahun 2018 diperkirakan 570.000
wanita di diagnosa menderita kanker serviks dan 311.000 wanita meninggal karena
penyakit kanker serviks. Total kasus kanker serviks yang terjadi di Indonesia adalah
23,4/100.000 penduduk dengan rata-rata kematian 13,9/100.000 penduduk. Dari
permasalahan tersebut.dilakukan penelitian pada hasil citra papsmear untuk
mendeteksi kanker serviks.

Tahapan penelitian yang dilakukan yaitu pengumpulan data, preprocessing,
ekstraksi fitur menggunakan metode Gray Level Co-Occurrance Matrix dan
klasifikasi Learning Vector Quantization. Data yang sudah didapatkan akan diberi
label secara manual yang terdiri dari dua label yaitu normal dan abnormal.
Dilakukan 3 pengujian dengan jumlah data yang berbeda, yaitu 500 citra pada
pengujian 1, 400 citra pada pengujian 2 dan 300 citra pada pengujian 3.

Hasil penelitian' ini menunjukkan bahwa metode Learning Vector
Quantization mampu mengklasifikasikan kanker serviks dari hasil citra papsmear
dengan akurasi tertinggi sebesar 89% pada pengujian 2.

Kata Kunci: Learning Vector Quantization, Kanker Serviks, Pap smear,
Klasifikasi
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ABSTRACT

Cervical cancer is a disease that is often experienced by women and is the
second most common disease after breast cancer in Indonesia. According to the
World Health Organitation (WHO) in 2018 an estimated 570,000 women were
diagnosed with cervical cancer and 311,000 women died of cervical cancer. The
total cases of cervical cancer that occurred in Indonesia were 23.4 / 100,000
population with an average death rate of<13.9 / 100,000 population. From these
problems, a study was carried out on the results of Pap smear images to detect
cervical cancer.

The stages of the research carried out were data collection, preprocessing,
feature extraction using the Gray Level Co-Occurrance Matrix and Learning
Vector Quantization classification. The data that has been obtained will be labeled
manually which consists of two labels, namely normal and abnormal. Three tests
were conducted with different amounts of data, namely 500 images on testing 1,
400 images on testing 2 and 300 images on testing 3.

The results of this study indicate that the Learning Vector Quantization
method is able to classify cervical cancer from Pap smear images with the highest
accuracy of 89% on testing 2.

Keyword : Learning Vector Quantization , Cervical Cancer, Pap smear,
Classification
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